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Abstract 

Sugar-sweetened beverage consumption is related to adverse health outcomes such as 

obesity and Type 2 diabetes. The present research further examined the utility of the 

temporal self-regulation theory in predicting sugar-sweetened beverage consumption. In 

addition, the research aimed to identify salient cues that trigger intake. Two-hundred and 

eighty-seven participants were recruited using convenience sampling in US and Australian 

populations. Hierarchical multiple regression analyses were used, and the final model 

accounted for 27.1% of the variance in consumption, providing partial support for the 

temporal self-regulation theory (ƒ2 = 0.37). Intention accounted for a significant 7.0% of 

variance (R2 = 0.07, p < .001), behavioural prepotency variables (past behaviour, habit, and 

cues) together combined for an additional 15.1% of variance (R2 = 0.15, p < .001), but 

neither measure of self-regulatory capacity (trait self-control, inhibition) was a significant 

predictor. No cues emerged as unique predictors, however the findings suggest that 

consumption may be influenced by a combination of cues across different situations. 

Behavioural prepotency moderated the intention-behaviour relationship such that as 

behavioural prepotency increased, the greater the influence intention had on behaviour. 

Further support for the role of both intention and automatic processes in sugar-sweetened 

beverage consumption was garnered, but more research is needed to identify when specific 

cues influence consumption most. 

Keywords: Cues; Health; Sugar-sweetened beverages (SSBs); Sugary drinks; Temporal self-

regulation theory. 

  



 
 

 

Background 

1.1 Sugar-sweetened beverages 

Sugar-sweetened beverage consumption refers to the intake of non-alcoholic 

beverages including soft drinks, cordials, sports drinks, flavoured milks, flavoured mineral 

waters, and fruit and vegetable drinks (Australian Bureau of Statistics, 2015). Consumption 

of sugar-sweetened beverages has been associated with many adverse health outcomes 

such as Type 2 diabetes and other non-communicable diseases (Hu & Malik, 2010; Imamura 

et al., 2015) and appears to be a significant contributor to obesity prevalence worldwide 

(Woodward-Lopez et al., 2011). Further evidence for the impact that sugar sweetened 

beverages have on obesity can be observed by looking at the effect that reducing intake has 

on obesity rates (Cabrero Escobar et al., 2013; Hu, 2013). Thus, it is important to gain an 

understanding of the mechanisms that drive sugar-sweetened beverage consumption so 

that the most effective interventions can be developed, and these negative health 

outcomes can be reduced.  

1.2 Temporal self-regulation theory and sugar-sweetened beverages 

Previously, researchers have targeted sugar sweetened beverage intake by providing 

information about health risks to reduce intention or willingness to (Gregorio-Pascual & 

Mahler, 2020; Schubert et al., 2021). However, in addition to these conscious and 

intentional processes research has shown that sugar sweetened beverage consumption may 

also be influenced by automatic processes (Moran & Mullan, 2021). This means that it is 

important to consider the effect that automatic factors can have, over and above that of 

intention. For example, a person may find themselves easily intending to reduce sugar 

sweetened beverage intake, but clearly, these intentions are not always so easily translated 

into behaviour. Hall and Fong (2007) proposed temporal self-regulation theory in an 

attempt to explain some of these forces influencing behaviour after intentions have been 

made, while still acknowledging the important roles that intentions have in predicting 

behaviour. Hall and Fong (2007) classify these forces as behavioural prepotency and self-

regulatory capacity (see Figure 1).  

Behavioural prepotency refers to the automaticity of the behaviour and was originally 

described as consisting of three sub-facets; biological drives (e.g., thirst, hunger), 

environmental cues that are associated with the performance of the behaviour, and 

frequency of past behaviour (Hall & Fong, 2007). More recently however, biological drives 



 
 

 

have been replaced by habit strength (Hall & Fong, 2013) and although it could be argued 

that biological drives are particularly important for consumption-based behaviours, 

environmental cue scales have sought to capture these components instead (Booker & 

Mullan, 2013) by asking about internal cues (e.g., thirst, hunger). Often, measures of past 

behaviour alone have been used to assess behavioural prepotency (Booker & Mullan, 2013; 

Verplanken & Orbell, 2003), since it is commonly one of the best predictors of future 

behaviours (e.g., Evans et al., 2017). However, habit strength (specifically components that 

relate to automaticity) can also be used to quantify levels of behavioural prepotency (Hall & 

Fong, 2013) and although cues are acknowledged to be part of the construct of behavioural 

prepotency, its role in tandem with other sub-facets has not been explored as extensively in 

the literature.  

Figure 1 near here 

Self-regulatory capacity equates to one’s ability to exert self-control for the purpose of 

completing a desired health behaviour (Hall & Fong, 2007). For example, to complete the 

behaviour of eating healthy, self-control is usually required to resist the temptation to 

engage in other more readily available or better tasting foods. Integral to the construct of 

self-regulatory capacity is executive functioning. This is because some of the most basic 

facets of executive functioning such as inhibition and working memory are thought to 

contribute to self-regulatory capacity (Hofmann et al., 2012). As a result, studies 

implementing temporal self-regulation theory have often used one or more measures of 

executive functioning to quantify self-regulatory capacity (Black et al., 2017; Booker & 

Mullan, 2013). 

Hall and Fong (2007) also postulate that each of the post-intentional variables 

moderate the relationship between intention and behaviour. Theoretically, when the 

degree of automaticity of the behaviour is high, cognitive awareness is low, therefore lower 

levels of intention are needed to initiate performance. Similarly, when behavioural 

prepotency is low (low levels of automaticity), we are less likely to rely on our automatic 

processes and are more likely to require stronger levels of intention to complete the desired 

behaviour. For example, if a person has a strong habitual tendency to drink iced coffee 

every morning from the same convenience store, they may find it much harder to follow 

through with their intention to avoid sugar sweetened beverages. However, such effects 

have been demonstrated inconsistently throughout the literature. Some research has found 



 
 

 

that only certain components of behavioural prepotency moderate the relationship (e.g., 

past behaviour; Evans et al., 2017), while others find no effect at all (e.g., Booker & Mullan, 

2013).  

The interaction effect for self-regulatory capacity and intention is proposed to 

operate in the reverse direction to behavioural prepotency (Hall & Fong, 2007), such that 

higher levels of self-regulatory capacity will strengthen the relationship between intention 

and behaviour. Consider again the example of reducing sugar sweetened beverage 

consumption. If we believe that consumption is bad for our health, and we have a high 

capacity to exert our self-regulatory resources, we should find it much easier to translate 

our intentions to avoid sugar sweetened beverages into behaviour. However, the literature 

in this area is also varied because some studies have demonstrated moderation effects (e.g., 

Hall et al., 2008; Liddelow et al., 2021), while others do not (e.g., Allom et al., 2013; Collins & 

Mullan, 2011; Murray & Mullan, 2019). 

Only one study to date has applied temporal self-regulation theory to sugar sweetened 

beverage consumption. Moran and Mullan (2021) found that temporal self-regulation 

theory partially predicted consumption in that intention and behavioural prepotency were 

significant predictors of behaviour, but self-regulatory capacity was not. The same pattern 

of results was found in unhealthy eating (Evans et al., 2017). The findings initially imply that 

self-regulatory capacity may not be important in predicting consumption behaviours. 

However, further inspection of the measures used for self-regulatory capacity may provide 

an explanation. 

1.3 Self-regulatory capacity and the dual-component model of self-control 

Moran and Mullan (2021) and Evans et al. (2017) used trait measures of self-control 

in their studies, whereas others have used state measures, i.e., measures of executive 

functioning (e.g., Black et al., 2017; Booker & Mullan, 2013). Trait measures are said to 

capture underlying dispositional aspects of self-control, whereas state measures tend to 

refer to the ability to exert effortful inhibition at any given moment (de Ridder et al., 2018). 

Interestingly, these measures do not relate well (Allom et al., 2016), which suggest that 

perhaps they measure different components of the over-arching construct of self-control. 

(Hofmann et al., 2009) have suggested that self-control contains both explicit (pursuit of 

long-term goals) and implicit (promotion of resistance to temptation) processes. It may be 

that trait measures of self-control assess the more explicit processes, while state or 



 
 

 

behavioural measures assess implicit processes. Furthermore, it is plausible that both these 

processes are important to measure to properly capture the construct of self-regulatory 

capacity in the context of sugar sweetened beverage consumption.  

1.4 Environmental cues  

Given the importance of environmental cues in behavioural prepotency, more 

research is needed. Moran and Mullan (2021) measured cues over five different domains 

(i.e., physical, internal, social, emotional, and sensory), but the scores were combined to 

create an overall composite variable. This variable when combined with habit strength 

explained additional variance over intention, which provides more evidence for the role of 

both these sub-facets within behavioural prepotency. However, it does not give specific 

insight into how to reduce intake, because we do not know whether specific cue domains 

reliably predict consumption, or whether the salience of cues differ between individuals. 

Consequently, interventions may lack direction with respect to how best to target cues to 

reduce consumption. 

Previous research has shown that for adolescents, habit strength of sugar-

sweetened beverage consumption is strongly correlated with habit strength of screen use 

(watching television or using a computer; Kremers et al., 2007). This potentially indicates 

that physical cues (i.e., watching television) may trigger consumption. Similarly, research 

exploring snacking has found that exposure to physical cues (watching others eat) and 

emotional cues (particularly negative affect) increases the likelihood of snacking (Elliston et 

al., 2017). These studies suggest that physical cues and emotional cues are likely to be 

important predictors of consumption behaviours. However, more research is needed to 

determine effects of specific domains of cues in sugar sweetened beverage consumption. 

1.5 Aims of the present research 

The aim of this research is to explore the role of domain-specific cues in sugar 

sweetened beverage consumption, and to determine whether assessing both types of self-

control (trait and state) allow self-regulatory capacity to significantly predict behaviour. In 

addition, a secondary aim of the current research was to explore the interaction effects 

between intention and behavioural prepotency and self-regulatory capacity. Specifically, we 

hypothesise that (1) temporal self-regulation theory constructs in combination will 

significantly predict sugar sweetened beverage consumption; (2) physical cues and 

emotional cues will uniquely and significantly predict sugar sweetened beverage 



 
 

 

consumption; (3) state and trait measures of self-control in combination will account for 

significant variance in sugar sweetened beverage consumption;  (4a) behavioural prepotency 

will moderate the relationship between intention and sugar sweetened beverage 

consumption, such that higher levels of behavioural prepotency will weaken the intention-

behaviour relationship; (4b) self-regulatory capacity will moderate the relationship between 

intention and sugar sweetened beverage consumption, such that higher levels of self-

regulatory capacity will strengthen the intention-behaviour relationship. 

2. Method 

2.1 Research Design 

A prospective correlational design was used, with two time points, one week apart. 

2.2 Participants 

Two hundred and eighty-seven participants were recruited using convenience 

sampling from an undergraduate university student pool (17), a paid participant pool (246), 

and from the general population (24). Data was collected between 2019 and 2020, which 

meant that parts of data collection fell over the first two weeks of lockdown periods 

enforced due to COVID-19. In these instances, control questions were included to capture 

their lockdown status (whether they had been placed in lockdown yet), and to adjust for 

potential abnormal fluctuations in consumption if they were in lockdown.  

Since previous research had limited success demonstrating moderation effects in 

sugar-sweetened beverages using temporal self-regulation theory constructs (Moran & 

Mullan, 2021), effect sizes (f2) ranging from small to moderate (0.02 – 0.15) were used to 

conduct a priori analyses using G*Power 3.1 (Faul et al., 2009). Sample sizes were averaged 

which indicated that 235 participants would be required. 

Participants belonging to a university participant pool were awarded course credit. 

Participants recruited through Amazon MTurk were awarded US$3.00 for completion of 

both parts of the study. The remainder were recruited by advertising through social media 

platforms e.g., Facebook, Reddit, and Twitter; word of mouth; online participant advertising 

forums Survey Circle and Psychological Research on the Net. 

2.3 Measures 

2.3.1 Intention. Based on Ajzen (1991), two 7-point Likert scale items (1 = strongly 

disagree, 7 = strongly agree) were administered (e.g., “I intend to avoid drinking sugary 

drinks over the next week.”), but only one of the items were retained in the final analyses as 



 
 

 

averaging them produced non-normal data. The two items correlated highly with each other 

(r = .88, p < .001), and previous research has also used just one item to assess intention 

(Charlesworth et al., 2021; McCloskey & Johnson, 2019). Scores ranged from 0 to 6, where 

higher scores indicated stronger intentions to avoid sugary drinks.  

2.3.2 Behavioural Prepotency 

2.3.2.1 Past behaviour. Past behaviour was measured with one item from 

Verplanken and Orbell (2003) Self Report Habit Index, an item that has been used previously 

to capture past behaviour (e.g., Liddelow et al., 2021). The item asked participants if 

“Drinking sugary drinks is something I do frequently” measured on a 7-point Likert scale (1 = 

strongly disagree, 7 = strongly agree). Higher scores indicated higher frequency of past 

behaviour. 

2.3.2.2 Habit strength. Habit strength was measured using a shortened version of 

the Self Report Habit Index (Verplanken & Orbell, 2003); the Self-Report Behavioural 

Automaticity Index (SRBAI; Gardner et al., 2012), which only uses the 4 items from the Self-

Report Habit Index which relate to automaticity. The current study reports a Cronbach’s 

alpha of .95. The measure contained a central statement “Drinking sugary drinks are 

something…” followed by four items (e.g., “I do without thinking”) measured on a 7-point 

Likert scale (1 = strongly disagree, 7 = strongly agree). Scores were averaged and ranged 

from 0 to 6 with higher scores indicating stronger habit strength. 

2.3.2.3 Cues. Steps were taken to adapt and further validate the Cues to Action Scale 

(Booker & Mullan, 2013) to suit the context of the research. A copy was administered to 10 

consumers of sugar sweetened beverages with similar demographics to the target 

population, with instructions to: (a) think about as many different cues as possible that 

trigger them to consume sugary drinks, and (b) to list which of the five domains (physical, 

sensory, social, internal, emotional) they think they fall under. The results were collected 

and Hsieh and Shannon (2005) framework for summative content analysis was used to 

assess the frequency of the cue examples given. For those examples with less than two 

occurrences, discussion was used to decide whether they were appropriate examples. For 

instances where examples fell under two or more domains, further discussion was used to 

resolve discrepancies and definitively place them under only one of the domains. The 

activity resulted in a more specific scale with several discrete examples relevant to sugary 

drink consumption for each domain.  



 
 

 

The new Cues to Action Scale- Sugar Sweetened Beverages (CAS-SSB) contains two 

items for each of the five domains of cues. For each domain, a description, and examples 

specific to each domain were first given (e.g., “Emotional cues are any emotions which may 

trigger you to drink sugary drinks. Emotional cues may be things like: Feeling sad/down, 

feeling happy or as a reward, feeling stressed”). Two items were then administered, the first 

of which asks participants how often they experience these cues. Responses were given on 

an 8-point Likert scale (0 = never, 7 = all the time). The second, asked how often the cue is 

likely to make them engage in the specific behaviour and was assessed on a 7-point Likert 

scale (0 = not at all likely, 6 = every time), for example, “How much is feeling these cues 

likely to make you drink sugary drinks?”. Scores from each item were multiplied to create an 

overall score for each domain and then ranked according to Table 1. 

Table 1 near here 

Scores therefore ranged from 0 to 7 with higher scores in each domain indicating 

greater impact from domain-specific environmental cues on behaviour. Although each item 

asked questions relating to the same domain, they were assessing different components 

(frequency versus degree of influence) thus it is inappropriate to report an internal 

consistency coefficient.  

2.3.4 Self-regulatory capacity.  

2.3.4.1 Trait self-control. A psychometrically improved and shortened version of the 

Brief-Self-Control Scale was used (α = .75; Morean et al., 2014). The scale contained seven 

items (e.g., “I am good at resisting temptation”) each scored on a 5-point Likert scale (1 = 

not at all, 5 = very much). Four items were reversed coded and total scores were then 

averaged to range from 0 to 4, with higher scores indicating higher levels of trait self-

control. The present sample had a Cronbach’s alpha of .78. 

2.3.4.2 State self-control. Participants were asked to complete a short, 

computerised version of the GNG task, which has been used previously by Hall et al. (2008). 

Participants were asked to press the spacebar as quickly as possible when the “go” stimulus 

appears (upper-case letters), and to refrain from pressing the spacebar when the “no-go” 

stimulus appears (lower-case letters). To score, the number of times the spacebar is 

incorrectly pressed in response to a “no-go” stimulus was used. However, since the task 

becomes easier the more slowly you respond to “go” stimulus, the score was added to the 

average latency of response time (in milliseconds) for “go” stimuli, to control for 



 
 

1 Those with > 50% data did also not complete part two. 
2 Completers were compared to non-completers before removing. Significant differences emerged on items, but these 
differences reflected typical patterns for poor-quality response (selecting the far-most right option; Van Vaerenbergh & 
Thomas, 2013) so were deemed acceptable to remove from further analyses. 

participants who did not press the spacebar as quickly as they could. The average latency 

was also divided by 200ms in order to moderate the influence on the total score, a number 

which was based on similar experiments using the GNG task (e.g., Littman & Takács, 2017). 

Lower scores indicated better state self-control and scores could theoretically have ranged 

from 0 to 97.5. For the present sample, this range was 1.7 – 11.9. 

2.3.5 Behaviour. Sobell and Sobell (1992) timeline follow-back questionnaire was 

adapted to suit the purpose the study. Participants were asked to report the frequency and 

quantity of drinks consumed over the previous week. Participants were asked to quantify 

how many serves they had consumed on each day over the last week. Pictorial guides 

(separately adjusted to suit US and Australian participants) were provided to help 

participants assess how many standard serves were consumed on each occasion. Scores 

ranged from 0 - 51 with higher scores indicating greater consumption of sugar sweetened 

beverages. 

2.3.6 Demographics. Participants were asked about their age, gender, ethnicity, and 

education level. 

2.4 Procedure 

The University Human Research Ethics Committee approved this study. After 

informed consent was obtained, participants completed the measures. A follow up email 

with a link to the behaviour measure was sent one week later.  

2.5 Data Analysis 

Hypotheses were pre-specified before data collection, as were the analytic procedures with 

exception to the post-hoc analysis. 

3. Results 

3.1 Sample Characteristics 

Four-hundred and seventy-eight participants completed part one. Of these, one 

participant was removed due to having two submissions. A further 21 were removed due to 

having more than 50% missing data1. Of the remaining sample, 169 participants did not 

complete part two (37.1% attrition rate)2. This left 287 participants comprising 52.6% 

female participants with ages ranging from 17 to 75 to (M = 36.6, SD = 11.7). Ethnicity 

groups were represented as follows: 10.1% identified as African American, 5.9% as Asian, 



 
 

 

62.7% as Caucasian, 4.9% as Hispanic, and 16.4% as Other or not identified. The minority of 

participants completed the measures during COVID-19 (41.1%).  

3.4 Hierarchical Multiple Regression Analyses 

The correlation matrix (Table 2) shows that none of the demographic variables, nor 

the GNG score variable correlated with the outcome variable. Of the control variables, 

lockdown status was also not correlated. To assess relatedness to sugar sweetened 

beverage consumption, ethnicity groups were analysed using a one-way ANOVA, F(4, 241) = 

1.08, p = .366, which showed that ethnicity was also not significantly tied to the outcome 

variable. All other predictor variables correlated as expected, although none of the 

correlations were strong (Dancey & Reidy, 2007). Since the demographic variables and the 

first control question were not related to consumption, they were not included in the 

regression. Variables were added to the regression according to the order stipulated by Hall 

and Fong (2007); intention in block two (after controlling for COVID-related 

increases/decreases in consumption), behavioural prepotency variables in block three and 

self-regulatory capacity variables in block four.  

Table 2 near here 

After controlling for COVID-19 related increases/decreases in SSB consumption, 

intention significantly accounted for 7.0% of the variance, ∆R2 = .07, ∆F (1, 284) = 22.63, p < 

.001. An additional 15.1% of variance was explained when behavioural prepotency variables 

were added, ∆R2 = .15, ∆F (7, 277) = 9.15, p < .001. The addition of self-regulatory capacity 

variables did not explain additional variance, ∆R2 = .00, F (2, 275) = 0.47, p = .630. The final 

model significantly accounted for a total of 27.1% of variance in consumption, adjusted R2 = 

.24, F (11, 275) = 9.30, p < .001, f2 = 0.37, a large effect (Cohen, 1988). With the exception of 

the COVID-19 control variable, only habit accounted for significant unique variance in the 

final model (Table 3), which also reports standardised and unstandardised coefficients and 

their confidence intervals, as well as their standard errors.  

Table 3 near here 

Given that no individual cue domain was uniquely predictive, post-hoc analyses were 

conducted to determine whether cues as a whole added significant variance over and above 

habit and past behaviour. The scores for each cue domain were added to create a 

composite cue variable, and hierarchical multiple regression was conducted in the same 

order as the previous model, but with the composite cue variable entered separately in its 



 
 

 

own block after habit and past behaviour. Block 1 (COVID-19 control variable), and block 2 

(intention) were identical in this model, but past behaviour and habit combined to explain a 

significant and additional 11.9% of variance, ∆R2 = .12, ∆F (2, 282) = 22.05, p < .001 in block 

3. In block four the composite cue variable provided a further significant 2.8% of variance, 

∆R2 = .03, ∆F (1, 281) = 10.63, p = .001, and in the final model accounted for a uniquely 

significant amount of variance (see Table 4). Self-regulatory capacity variables were not 

added again given they did not account for variance in the initial model.  

Table 4 near here 

3.5 Moderation Analyses 

 Moderation analyses were conducted in SPSS using the PROCESS macro (Hayes, 

2017). Individual moderation analyses were conducted for each variable (habit, past 

behaviour, cues, trait self-control, state self-control), with the COVID-19 control variable 

included as a covariate for each model. For behavioural prepotency variables, significant 

interactions with intention were detected for habit and the combined cues variable, but not 

for past behaviour. For self-regulatory capacity, neither state not trait measures returned 

significant interaction effects.  

For habit, the overall interaction was significant, b = -0.40, t(282) = -2.39, p = .02. 

Results indicate that when habit strength was low, there was no relationship between 

intention and behaviour, however when habit was medium, b = -1.04, t(282) = -3.07, p < 

.001, and when habit strength was high, b = -1.78, t(282) = -3.63, p < .001, intention was 

significantly related to behaviour such that as habit increased, the effect of intention on 

behaviour became more pronounced (see Figure 2). The intention-behaviour relationship 

became non-significant when habit strength dropped below 1.32, indicating that for those 

with low sugar sweetened beverage habits, intention to avoid did not have an impact on 

consumption. 

Similarly for cues, the overall interaction was significant, b = -0.10, t(282) = -2.38, p = 

.02. Results indicate that when cues were low, there was no relationship between intention 

and behaviour, however when cues were medium, b = -1.02, t(282) = -3.09, p < .001, and 

when cues were high, b = -1.73, t(282) = -3.70, p < .001, intention was significantly related to 

behaviour such that as cues increased, the effect of intention on behaviour became more 

pronounced (see Figure 3). The intention-behaviour relationship became non-significant 



 
 

 

when cues dropped below 10.58, indicating that for those experiencing less frequent and 

less influential cues, intention to avoid did not have an impact on consumption.  

4. Discussion 

The constructs of temporal self-regulation theory in combination significantly 

predicted sugar-sweetened beverage consumption. No domain of cues accounted for 

significant variance. Furthermore, the addition of the GNG task did not allow for self-

regulatory capacity to significantly predict behaviour. Finally, moderation effects were 

partially supported in that behavioural prepotency moderated the intention-behaviour 

relationship but in the opposite direction proposed by Hall and Fong (2007), and self-

regulatory capacity did not moderate the relationship at all.  

Although intention was a significant predictor in the present research, it explained 

much less variance than previous research (Moran & Mullan, 2021). This may be a result of 

the way in which the intention items were framed. Moran and Mullan (2021) used a form of 

intention that aligns with “approach behaviour” (i.e., “I intend to drink sugary drinks”), 

whereas the current research used a form that aligns with “avoidance behaviour” (e.g., I 

intend to avoid drinking sugary drinks”). Some research has found that when using 

avoidance-framed intention for behaviours with long-term adverse outcomes  (e.g., pre-

drinking; Caudwell et al., 2019), intention provides no significant effect on behaviour. It 

could be that for behaviours that have long-term negative impacts and relatively immediate 

rewards (i.e., the sweet taste of a soft drink), behaviour is much more under habitual or 

non-conscious control (Wood & Neal, 2007).  

This is supported further by our results, which indicate that behavioural prepotency 

plays an important role in predicting sugar-sweetened beverage consumption. Each of the 

behavioural prepotency variables significantly correlated with each other and in 

combination explained a significant proportion of variance which adds theoretical support 

for its role in temporal self-regulation theory. It also demonstrates that purely making 

intentions to avoid consumption may not always be enough to change behaviour.  

Cues were not unique predictors although their role in consumption should not be 

discounted. One of the possible explanations for the findings is that the saliency of cues 

differs based on individual differences. That is, one cue domain may be the most important 

for consumption for some people, whereas other domains might be more important for 

others. Similarly, different cues might be associated with consumption in different 



 
 

 

circumstances, such that one type of cue might trigger consumption in one environment, 

and another type of cue in a completely different one. This is supported by post-hoc 

analyses which revealed that when added to the regression independently of past behaviour 

and habit, the combined cues measure provided additional variance. This demonstrates that 

overall, cues were significant predictors of consumption but that individually, no domain 

was more important than the others. Furthermore, these findings also consolidate the 

importance of using cues in conjunction with habit for assessing behavioural prepotency. 

While the results showed that self-control was related to consumption, it was only a weak 

association. Furthermore, Go/No-Go scores showed no associations with any variables and 

provided no utility as a predictor. Moran and Mullan (2021) found that trait self-control was 

not related to sugar sweetened beverage consumption and given the weak association in 

the present research, it may be that self-control is not an important predictor of 

consumption. However, Wenzel et al. (2019) using an intrapersonal design found that trait 

self-control was important, but only when in the presence of others, indicating a potential 

interplay between self-control and social cues. Previous research in snack consumption also 

showed that an individual’s reactivity to physical cues was related to BMI, but only when 

self-control was low (Lawrence et al., 2012). Although the authors were assessing physical 

cues, Wenzel’s (2019) findings suggest that self-control might also be important for resisting 

other types of cues too.  

This is supported in the present findings as trait self-control was moderately 

negatively related to habits and four out of five of the cue domains. This suggests that while 

self-control may not be directly related to consumption, it might be important in 

determining whether or not sugar sweetened beverage consumption habits are developed, 

i.e., those with stronger self-control may be more likely to form healthy beverage habits and 

avoid unhealthy ones. This concept is somewhat supported by Galla and Duckworth (2015), 

who found evidence across 6 studies that habits mediate the relationship between self-

control and behaviours. However, only positive behaviours were assessed (e.g., healthy 

snacking) and more research is needed to confirm whether this relationship exists for 

unhealthy habits, such as sugar sweetened beverage consumption.  

The interaction between behavioural prepotency and intention on behaviour was an 

interesting finding. The direction of the effect was opposite to what was hypothesised. Hall 

and Fong (2007)posit that behavioural prepotency should weaken the intention-behaviour 



 
 

 

relationship, but our findings show that the relationship was strengthened. Our findings 

suggest that when SSB automaticity is low or moderate, intention to avoid consumption 

does not play a role in predicting consumption. Consumption levels remain lower than those 

who had high behavioural prepotency (automaticity), regardless of their intentions. But 

when behavioural prepotency was high, consumption was much lower when intention to 

avoid was strong too. This implies that for SSB consumption, strong intentions to avoid can 

override our habits for SSB behaviours. Furthermore, intention was not important for those 

with low levels of behavioural prepotency. However, this may be because for those in this 

group with low intentions to avoid already displayed low levels of SSB consumption, so the 

distinction between this group of participants and those with stronger intentions to avoid 

may not have been detectable.  

The convenience sampling method may limit the generalisability of the study, 

however, the sample of participants spanned across both Australia and the US, including a 

reasonable distribution of ages, which provides a comparatively better generalisability to 

other studies in the field (e.g., Moran & Mullan, 2021). Another limitation of the present 

research which should be considered is the use of single-item measures for intention and 

past behaviour. While there are concerns for measures with just one item, correlations 

between items within these multi-item measures are often very high (Charlesworth et al., 

2021), and when single items are pulled from existing scales (like was the case with the 

present research), they can still meet psychometric criteria to acceptable levels (Fisher et 

al., 2016).  

Furthermore, the implications of the present research are nonetheless important. 

The finding that no cue domain was a uniquely significant predictor, but that when 

combined, cues accounted for uniquely significant variance over and above habit has 

important implications as it suggests that cues which are used for triggering SSB 

consumption may vary across contexts and individuals. EMA-type studies looking at the 

types of cues which trigger consumption in real time, would be of benefit to identify 

predictors of each domain, and ultimately targets for intervention. Another important 

implication of the present study is that interventions targeting sugar sweetened beverage 

consumers’ conscious processes (i.e., intention) should continue to be implemented, as the 

findings suggest that strong intentions to avoid consumption may be enough to overcome 

the influence of established habits and environmental cues. Given this relationship was 



 
 

 

oppositional to postulates of temporal self-regulation theory, future research seeking to 

enhance theoretical understanding should aim to determine for which behaviours this 

relationship can be demonstrated, and under what conditions. 

4.1 Conclusion 

Overall, temporal self-regulation theory only moderately predicts SSB consumption, 

given that self-regulatory capacity variables were not meaningfully predictive. Although the 

degree of automaticity of drinking sugar-sweetened beverages was an important predictor 

of consumption, intention to avoid consumption was equally important, such that strong 

intentions to avoid SSBs may be enough to override high levels of influence from automatic 

factors. Finally, the results suggest that no single domain of cue may be most important for 

predicting sugar sweetened beverage consumption, but that the type of cues which trigger 

consumption may depend on the individual.  

5. Acknowledgements 

Aside from the authors listed, there are no further acknowledgements to be made. 

6. Author Contributions  

Barbara Mullan supervised this project and provided input during the project 

development phase, as well as ongoing advice throughout. All other components were 

conducted by Thomas McAlpine, including data collection, analysis, and preparation of the 

manuscript. 

7. Funding Information 

This research did not receive any specific grant from funding agencies in the public, 

commercial, or not-for-profit sectors. 

 

  



 
 

 

References 

Ajzen, I. (1991). The theory of planned behavior. Organizational behavior and human decision 
processes, 50(2), 179-211. https://doi.org/10.1016/0749-5978(91)90020-T  

 
Allom, V., Mullan, B., & Sebastian, J. (2013). Closing the intention–behaviour gap for sunscreen use 

and sun protection behaviours. Psychology & Health, 28(5), 477-494. 
https://doi.org/10.1080/08870446.2012.745935  

 
Allom, V., Panetta, G., Mullan, B., & Hagger, M. S. (2016). Self-report and behavioural approaches to 

the measurement of self-control: Are we assessing the same construct? Personality and 
Individual Differences, 90, 137-142. https://doi.org/10.1016/j.paid.2015.10.051  

 
Australian Bureau of Statistics. (2015). Nutrition First Results - Food and Nutrients, 2011-2012 

(Australian Health Survey, Issue. https://www.abs.gov.au/statistics/health/health-
conditions-and-risks/australian-health-survey-nutrition-first-results-foods-and-
nutrients/latest-release 

 
Black, N., Mullan, B., & Sharpe, L. (2017). Predicting heavy episodic drinking using an extended 

temporal self-regulation theory. Addictive behaviors, 73(October 2017), 111-118. 
https://doi.org/10.1016/j.addbeh.2017.04.017  

 
Booker, L., & Mullan, B. (2013). Using the temporal self-regulation theory to examine the influence 

of environmental cues on maintaining a healthy lifestyle. British Journal of Health 
Psychology, 18(4), 745-762. https://doi.org/10.1111/bjhp.12015  

 
Cabrero Escobar, M. A., Veerman, J. L., Tollman, S. M., Bertram, M. Y., & Hofman, K. J. (2013). 

Evidence that a tax on sugar sweetened beverages reduces the obesity rate: A meta-
analysis. BMC public health, 13(1), 1-10. https://doi.org/10.1186/1471-2458-13-1072  

 
Caudwell, K. M., Keech, J. J., Hamilton, K., Mullan, B. A., & Hagger, M. S. (2019). Reducing alcohol 

consumption during pre-drinking sessions: Testing an integrated behaviour-change model. 
Psychology & Health, 34(1), 106-127. https://doi.org/10.1080/08870446.2018.1518527  

 
Charlesworth, J., Mullan, B., & Moran, A. (2021). Investigating the predictors of safe food handling 

among parents of young children in the USA. Food Control, 126. 
https://doi.org/10.1016/j.foodcont.2021.108015  

 
Collins, A., & Mullan, B. (2011). An extension of the theory of planned behavior to predict immediate 

hedonic behaviors and distal benefit behaviors. Food Quality and Preference, 22(7), 638-646. 
https://doi.org/10.1016/j.foodqual.2011.03.011  

 
Dancey, C. P., & Reidy, J. (2007). Statistics without maths for psychology. Pearson Education.  

 

https://doi.org/10.1016/0749-5978(91)90020-T
https://doi.org/10.1080/08870446.2012.745935
https://doi.org/10.1016/j.paid.2015.10.051
https://www.abs.gov.au/statistics/health/health-conditions-and-risks/australian-health-survey-nutrition-first-results-foods-and-nutrients/latest-release
https://www.abs.gov.au/statistics/health/health-conditions-and-risks/australian-health-survey-nutrition-first-results-foods-and-nutrients/latest-release
https://www.abs.gov.au/statistics/health/health-conditions-and-risks/australian-health-survey-nutrition-first-results-foods-and-nutrients/latest-release
https://doi.org/10.1016/j.addbeh.2017.04.017
https://doi.org/10.1111/bjhp.12015
https://doi.org/10.1186/1471-2458-13-1072
https://doi.org/10.1080/08870446.2018.1518527
https://doi.org/10.1016/j.foodcont.2021.108015
https://doi.org/10.1016/j.foodqual.2011.03.011


 
 

 

de Ridder, D., Kroese, F., & Gillebaart, M. (2018). Whatever happened to self-control? A proposal for 
integrating notions from trait self-control studies into state self-control research. Motivation 
Science, 4(1), 39. https://doi.org/10.1037/mot0000062  

 
Elliston, K. G., Ferguson, S. G., & Schüz, B. (2017). Personal and situational predictors of everyday 

snacking: An application of temporal self‐regulation theory. British Journal of Health 
Psychology, 22(4), 854-871. https://doi.org/10.1111/bjhp.12259  

 
Evans, R., Norman, P., & Webb, T. L. (2017). Using Temporal Self-Regulation Theory to understand 

healthy and unhealthy eating intentions and behaviour. Appetite, 116(September 2017), 
357-364. https://doi.org/10.1016/j.appet.2017.05.022  

 
Faul, F., Erdfelder, E., Buchner, A., & Lang, A.-G. (2009). Statistical power analyses using G* Power 

3.1: Tests for correlation and regression analyses. Behavior Research Methods, 41(4), 1149-
1160. https://doi.org/10.3758/BRM.41.4.1149  

 
Fisher, G. G., Matthews, R. A., & Gibbons, A. M. (2016). Developing and investigating the use of 

single-item measures in organizational research. Journal of occupational health psychology, 
21(1), 3.  

 
Galla, B. M., & Duckworth, A. L. (2015). More than resisting temptation: Beneficial habits mediate 

the relationship between self-control and positive life outcomes. Journal of personality and 
social psychology, 109(3), 508. https://doi.org/10.1037/pspp0000026  

 
Gardner, B., Abraham, C., Lally, P., & de Bruijn, G.-J. (2012). Towards parsimony in habit 

measurement: Testing the convergent and predictive validity of an automaticity subscale of 
the Self-Report Habit Index. International Journal of Behavioral Nutrition and Physical 
Activity, 9(1), 1-12. https://doi.org/10.1186/1479-5868-9-102  

 
Gregorio-Pascual, P., & Mahler, H. I. M. (2020). Effects of interventions based on the theory of 

planned behavior on sugar-sweetened beverage consumption intentions and behavior. 
Appetite, 145, 104491. https://doi.org/10.1016/j.appet.2019.104491  

 
Hall, P. A., & Fong, G. T. (2007). Temporal self-regulation theory: A model for individual health 

behavior. Health Psychology Review, 1(1), 6-52. 
https://doi.org/10.1080/17437190701492437  

 
Hall, P. A., & Fong, G. T. (2013). Temporal self-regulation theory: Integrating biological, 

psychological, and ecological determinants of health behavior performance. In P. A. Hall 
(Ed.), Social Neuroscience and Public Health: Foundations for the Science of Chronic Disease 
Prevention (pp. 35-53). Springer. https://doi.org/10.1007/978-1-4614-6852-3_3  

 
Hall, P. A., Fong, G. T., Epp, L. J., & Elias, L. J. (2008). Executive function moderates the intention-

behavior link for physical activity and dietary behavior. Psychology & Health, 23(3), 309-326. 
https://doi.org/10.1080/14768320701212099  

https://doi.org/10.1037/mot0000062
https://doi.org/10.1111/bjhp.12259
https://doi.org/10.1016/j.appet.2017.05.022
https://doi.org/10.3758/BRM.41.4.1149
https://doi.org/10.1037/pspp0000026
https://doi.org/10.1186/1479-5868-9-102
https://doi.org/10.1016/j.appet.2019.104491
https://doi.org/10.1080/17437190701492437
https://doi.org/10.1007/978-1-4614-6852-3_3
https://doi.org/10.1080/14768320701212099


 
 

 

 
Hayes, A. F. (2017). Introduction to mediation, moderation, and conditional process analysis: A 

regression-based approach. Guilford Press.  

 
Hofmann, W., Friese, M., & Strack, F. (2009). Impulse and self-control from a dual-systems 

perspective. Perspectives on psychological science, 4(2), 162-176. 
https://doi.org/10.1111/j.1745-6924.2009.01116.x  

 
Hofmann, W., Schmeichel, B. J., & Baddeley, A. D. (2012). Executive functions and self-regulation. 

Trends in cognitive sciences, 16(3), 174-180. https://doi.org/10.1016/j.tics.2012.01.006  

 
Hsieh, H.-F., & Shannon, S. E. (2005). Three approaches to qualitative content analysis. Qualitative 

health research, 15(9), 1277-1288. https://doi.org/10.1177/1049732305276687  

 
Hu, F. B. (2013). Resolved: There is sufficient scientific evidence that decreasing sugar-sweetened 

beverage consumption will reduce the prevalence of obesity and obesity-related diseases. 
Obesity Reviews, 14(8), 606-619. https://doi.org/10.1111/obr.12040  

 
Hu, F. B., & Malik, V. S. (2010). Sugar-sweetened beverages and risk of obesity and type 2 diabetes: 

Epidemiologic evidence. Physiology & behavior, 100(1), 47-54. 
https://doi.org/10.1016/j.physbeh.2010.01.036  

 
Imamura, F., O’Connor, L., Ye, Z., Mursu, J., Hayashino, Y., Bhupathiraju, S. N., & Forouhi, N. G. 

(2015). Consumption of sugar sweetened beverages, artificially sweetened beverages, and 
fruit juice and incidence of type 2 diabetes: Systematic review, meta-analysis, and 
estimation of population attributable fraction. Bmj, 351. 
https://doi.org/10.1016/j.physbeh.2010.01.036  

 
Kremers, S. P. J., van der Horst, K., & Brug, J. (2007). Adolescent screen-viewing behaviour is 

associated with consumption of sugar-sweetened beverages: The role of habit strength and 
perceived parental norms. Appetite, 48(3), 345-350. 
https://doi.org/10.1016/j.appet.2006.10.002  

 
Lawrence, N. S., Hinton, E. C., Parkinson, J. A., & Lawrence, A. D. (2012). Nucleus accumbens 

response to food cues predicts subsequent snack consumption in women and increased 
body mass index in those with reduced self-control. NeuroImage, 63(1), 415-422. 
https://doi.org/10.1016/j.neuroimage.2012.06.070  

 
Liddelow, C., Mullan, B., & Boyes, M. (2021). Understanding the predictors of medication adherence: 

Applying temporal self-regulation theory. Psychology & Health, 36(5), 529-548. 
https://doi.org/10.1080/08870446.2020.1788715  

 
Littman, R., & Takács, Á. (2017). Do all inhibitions act alike? A study of go/no-go and stop-signal 

paradigms. PLoS One, 12(10), e0186774. https://doi.org/10.1371/journal.pone.0186774  

 

https://doi.org/10.1111/j.1745-6924.2009.01116.x
https://doi.org/10.1016/j.tics.2012.01.006
https://doi.org/10.1177/1049732305276687
https://doi.org/10.1111/obr.12040
https://doi.org/10.1016/j.physbeh.2010.01.036
https://doi.org/10.1016/j.physbeh.2010.01.036
https://doi.org/10.1016/j.appet.2006.10.002
https://doi.org/10.1016/j.neuroimage.2012.06.070
https://doi.org/10.1080/08870446.2020.1788715
https://doi.org/10.1371/journal.pone.0186774


 
 

 

McCloskey, K., & Johnson, B. T. (2019). Habits, Quick and Easy: Perceived Complexity Moderates the 
Associations of Contextual Stability and Rewards With Behavioral Automaticity. Frontiers in 
Psychology, 10, 1-19. https://doi.org/10.3389/fpsyg.2019.01556  

 
Moran, A., & Mullan, B. (2021). Exploring temporal self-regulation theory to predict sugar-

sweetened beverage consumption. Psychology & Health, 36(3), 334-350. 
https://doi.org/10.1080/08870446.2020.1774055  

 
Morean, M. E., DeMartini, K. S., Leeman, R. F., Pearlson, G. D., Anticevic, A., Krishnan-Sarin, S., 

Krystal, J. H., & O'Malley, S. S. (2014). Psychometrically improved, abbreviated versions of 
three classic measures of impulsivity and self-control. Psychological assessment, 26(3), 1003. 
https://doi.org/10.1037/pas0000003  

 
Murray, K. S., & Mullan, B. (2019). Can temporal self-regulation theory and ‘sensitivity to reward’ 

predict binge drinking amongst university students in Australia? Addictive behaviors, 99, 
106069. https://doi.org/10.1016/j.addbeh.2019.106069  

 
Schubert, E., Smith, E., Brydevall, M., Lynch, C., Ringin, E., Dixon, H., Kashima, Y., Wakefield, M., & 

Bode, S. (2021). General and specific graphic health warning labels reduce willingness to 
consume sugar-sweetened beverages. Appetite, 161, 105141. 
https://doi.org/10.1016/j.appet.2021.105141  

 
Sobell, L. C., & Sobell, M. B. (1992). Timeline follow-back. In R. Z. Litten & J. P. Allen (Eds.), Measuring 

Alcohol Consumption (pp. 41-72). Springer. https://doi.org/10.1007/978-1-4612-0357-5_3  

 
Verplanken, B., & Orbell, S. (2003). Reflections on past behavior: A self‐report index of habit strength 

1. Journal of applied social psychology, 33(6), 1313-1330. https://doi.org/10.1111/j.1559-
1816.2003.tb01951.x  

 
Wenzel, M., Geelen, A., Wolters, M., Hebestreit, A., Van Laerhoven, K., Lakerveld, J., Andersen, L. F., 

van’t Veer, P., & Kubiak, T. (2019). The role of self-control and the presence of enactment 
models on sugar-sweetened beverage consumption: A pilot study. Frontiers in Psychology, 
10, 1511. https://doi.org/10.3389/fpsyg.2019.01511  

 
Wood, W., & Neal, D. T. (2007). A new look at habits and the habit-goal interface. Psychological 

review, 114(4), 843. https://doi.org/10.1037/0033-295X.114.4.843  

 
Woodward-Lopez, G., Kao, J., & Ritchie, L. (2011). To what extent have sweetened beverages 

contributed to the obesity epidemic? Public health nutrition, 14(3), 499-509. 
https://doi.org/10.1017/S1368980010002375  

 

 

 

  

https://doi.org/10.3389/fpsyg.2019.01556
https://doi.org/10.1080/08870446.2020.1774055
https://doi.org/10.1037/pas0000003
https://doi.org/10.1016/j.addbeh.2019.106069
https://doi.org/10.1016/j.appet.2021.105141
https://doi.org/10.1007/978-1-4612-0357-5_3
https://doi.org/10.1111/j.1559-1816.2003.tb01951.x
https://doi.org/10.1111/j.1559-1816.2003.tb01951.x
https://doi.org/10.3389/fpsyg.2019.01511
https://doi.org/10.1037/0033-295X.114.4.843
https://doi.org/10.1017/S1368980010002375


 
 

 

 

 

 

 

Figure 2.  

Intention-consumption relationship by habit strength. 
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Figure 1.  

Diagramatic representation of the temporal self-regulation theory. Adapted from 
“Temporal Self-Regulation Theory: A Model for Individual Health Behavior” by P. A. Hall 
and G. T. Fong, 2007, Health Psychology Review, 1, p. 14. Copyright 2007 by Taylor and 
Francis. 
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Figure 3.  

Intention-consumption relationship by level of cues. 
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Table 1.  

Scoring Protocol for the Cues to Action Scale - Sugar Sweetened Beverages (CAS-SSB). 

Product of Cue Items Cue Score 

0 0 

1-6 1 

7-12 2 

13-18 3 

19-24 4 

25-30 5 

31-36 6 

37-42 7 

 

  



 
 

 

Table 2.  

Bivariate Correlation Coefficients, Means, and Standard Deviations for all variables (N = 287).  

  Measure 1. 2. 3. 4. 5. 6. 7. 8. 9. 10. 11. 12. 13. 14. 15. 16. M SD 

1. Age -                36.6 11.7 

2. Gender .07 -                 

3. Education .02 .07 -                

4. COVID1 .10 .02 .03 -               

5. COVID2 -.10 .07 .01 -.11 -            -0.13 1.61 

6. Intention -.11 .02 .11 0.04 -.18** -           3.33 1.93 

7. Past Behaviour .04 .03 -.04 .12 .21** -.56** -          3.27 1.98 

 8. Habit .03 -.04 .02 .19* .12* -.35** .65** -         2.19 1.84 

9. Physical Cues  .04 .03 -.02 .09 .17** -.31** .59** .49** -        2.91 1.76 

10. Sensory Cues .04 .01 .00 .02 .14* -.31** .52** .49** .62** -       3.20 1.79 

11.  Social Cues -.14* -.03 .05 .08 .16** -.13* .33** .30** .53** .43** -      2.37 1.63 

12. Internal Cues .16** -.03 -.07 .20* .16** -.33** .55** .45** .59** .51** .38** -     3.26 1.94 

13. Emotional Cues .03 -.02 .03 .05 .15* -.18** .40** .43** .46** .49** .37** .44** -    2.08 1.75 

14. Self-Control .19** -.05 -.02 -.08 -.05 -.13* -.25** -.34* -.21** -.17** -.11 -.17** -.29** -   2.53 .71 

15. GNG Score -.13* .08 .08 -.03 -.02 .02 .09 .05 .01 -.04 -.06 -.02 .06 -.06 -  3.68 2.77 

16. Behaviour .04 .07 .00 .00 .22** -.28** .41** .40** .39** .35** .25** .35** .34** -.12* .02 - 14.03 12.44 

Note. COVID1 = COVID-19 lockdown status. COVID2 = COVID-19 related changes in consumption. Biserial correlation coefficients are reported for Gender and COVID1. 

Spearman’s rho coefficients are reported for Education. 

* p < .05, two-tailed. ** p < .01, two-tailed. 



 
 

 

Table 3.  

Standardised (β) and Unstandardised (B) Regression Coefficients, Standard Error (SE) and Squared Semi-Partial Correlations (sr2) for Variables 

Predicting Sugar-Sweetened Beverage Consumption Using Hierarchical Multiple Regression Analysis (N = 287) 

Note. CI = confidence interval. COVID2 = COVID -19 related consumption changes 

* p < .05, two-tailed, ** p < .01, two-tailed  

                               

 Step 1  Step 2   Step 3   Step 4  

Predictor B [95% CI] SE B  sr2  B [95% CI] SE B  sr2  B [95% CI] SE B  sr2  B [95% CI] SE B  sr2 

COVID2 2.43 [1.217, 3.71]**  0.64 0.22 .05  1.31 [0.14, 2.50]** 0.59 0.12 .03  1.30 [0.14, 2.47]*  0.59 0.12 .01  1.31 [0.14, 2.48]* 0.59 0.12 .01 

Intention      -1.61 [-2.27, -.94]** 0.34 -.27 .07  -0.53 [-1.27, 0.21] 0.38 -0.09 .00  -0.55 [-1.30, 0.20] 0.38 -0.09 .01 

Past Behaviour           0.49 [-0.48, 1.47] 0.49 0.09 .00  0.47 [-0.52, 1.46] 0.50 0.08 .00 

Habit           1.11 [0.23, 1.98]* 0.45 0.18 .02  1.20 [0.30, 2.10]* 0.46 0.19 .02 

Physical Cues           0.71 [-0.31, 1.73] 0.52 0.11 .01  0.73 [-0.29, 1.75] 0.52 0.11 .01 

Sensory Cues           0.17 [-0.74, 1.08] 0.46 0.03 .00  0.15 [-0.76, 1.06] 0.46 0.02 .00 

Social Cues           -0.01 [-0.87, 0.86] 0.44 0.00 .00  0.00 [-0.87, 0.87] 0.44 0.00 .00 

Internal Cues           0.40 [-0.41, 1.21] 0.41 0.07 .00  0.39 [-0.42, 1.20] 0.41 0.07 .00 

Emotional Cues           0.62 [-0.20, 1.44] 0.42 0.09 .01  0.67 [-0.17, 1.51] 0.43 0.10 .01 

Self-Control                0.12 [-0.42, 0.65] 0.27 0.02 .00 

GNG Score                0.12 [-0.73, 0.97] 0.43 .02 .00 



 
 

 

Table 4.  

Standardised (β) and Unstandardised (B) Regression Coefficients, Standard Error (SE) and Squared Semi-Partial Correlations (sr2) for Combined 

Cues Model (N = 287) 

Note. CI = confidence interval. COVID2 = COVID -19 related consumption changes 

* p < .05, two-tailed, ** p < .01, two-tailed  

 

 

 

 

 

                               

 Step 1  Step 2   Step 3   Step 4  

Predictor B [95% CI] SE B  sr2  B [95% CI] SE B  sr2  B [95% CI] SE B  sr2  B [95% CI] SE B  sr2 

COVID2 2.43 [1.217, 3.71]**  0.64 0.22 .05  1.31 [0.14, 2.50]** 0.59 0.12 .03  1.50 [0.34, 2.67]*  0.59 0.14 .02  1.30 [0.14, 2.45]*  0.59 0.12 .01 

Intention      -1.61 [-2.27, -.94]** 0.34 -.27 .07  -0.49 [-1.24, 0.25] 0.38 -0.08 .00  -0.53 [-1.26, 0.20] 0.37 -0.09 .01 

Past Behaviour           1.13 [0.23, 2.03]* 0.46 0.19 .02  0.55 [-0.41, 1.50] 0.48 0.09 .00 

Habit           1.51 [0.67, 2.36]** 0.43 0.24 .03  1.13 [0.27, 2.00]* 0.44 0.18 .02 

Combined Cues                0.38 [0.15, 0.61]** 0.12 0.22 .03 


