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Summary

Traditional variable-centered job crafting research typically examines individual job

crafting behaviors in isolation. This study builds upon existing person-centered job

crafting research, aiming to further validate job crafting profiles based on the job

demands-resources model. By testing profile similarity across different samples and

time points, we identify three consistent job crafting profiles: proactive crafters, char-

acterized by a high use of approach crafting and a moderate use of avoidance craft-

ing; active crafters, who exhibit an average level of all job crafting strategies; and

reactive crafters, marked by a low use of approach crafting strategies but a relatively

high use of avoidance crafting. As theorized, the proactive crafters profile emerged

as the most desirable, displaying the highest levels of self-reported work engage-

ment, task performance, and organizational citizenship behavior. This finding under-

scores that avoidance crafting becomes less detrimental when used alongside

approach crafting. Moreover, our study reveals that proactive personality and job

autonomy significantly increase the likelihood of employees being proactive crafters,

offering empirical support for the notion that avoidance crafting can be an integral

part of a proactive goal when combined with approach crafting.
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1 | INTRODUCTION

Job crafting, or the actions that employees self-initiate in their jobs to

create better quality work for themselves (Tims & Bakker, 2010;

Wrzesniewski & Dutton, 2001), has gained increasing attention as a

powerful complement to traditional top-down work redesigns

(Wrzesniewski & Dutton, 2001). Job crafting has been defined and

operationalized in different ways based on two dominant perspec-

tives, with one focusing on altering task and relational boundaries

(Wrzesniewski & Dutton, 2001) and the other on modifying job

resources and job demands (Tims & Bakker, 2010). To better integrate

these theoretical perspectives, the approach-avoidance or promotion-

prevention taxonomy has been applied (Bruning & Campion, 2018;

Lichtenthaler & Fischbach, 2019; Zhang & Parker, 2019). Specifically,

approach crafting is defined as crafting that is motivated by problem-

and improvement-focused goals, whereas avoidance crafting is

directed toward reducing or eliminating negative aspects of one's

work (Bruning & Campion, 2018; Zhang & Parker, 2019).

The approach-avoidance taxonomy has been proven effective, as

it differentiates the effects of different job crafting strategies. From
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the variable-centered job crafting research, which investigates job

crafting strategies independently, approach crafting has been associ-

ated with positive outcomes such as enhanced well-being and perfor-

mance, whereas avoidance crafting has been linked with negative

outcomes, such as decreased engagement and increased job strain

(Lichtenthaler & Fischbach, 2019; Rudolph et al., 2017; Zhang &

Parker, 2019). However, the variable-centered approach overlooks

the possibility of the simultaneous use of approach and avoidance

crafting, which may show different patterns of job crafting with

potentially varying effects. For instance, avoidance crafting could be

employed with or without approach crafting (Zhang & Parker, 2019).

When used alongside various types of approach crafting, avoidance

crafting could be part of an overall proactive response. For example,

proactive crafters might withdraw from certain tasks to dedicate more

time to other tasks. However, when used in isolation, avoidance craft-

ing might function as a form of passive withdrawal (Zhang &

Parker, 2019).

To investigate the use of different patterns of approach and

avoidance job crafting, a person-centered approach is warranted

(Wang & Hanges, 2011). This approach can identify whether there are

different subpopulations of job crafters, such as crafters who use both

approach and avoidance crafting versus crafters who use just

approach or avoidance crafting. Importantly, the idea that job crafting

strategies can be combined in various ways has been supported in

two pioneering studies using the person-centered approach

(Mäkikangas, 2018; Mäkikangas & Schaufeli, 2021). Specifically, based

on the job demands-resources perspective of job crafting (Tims

et al., 2012), Mäkikangas (2018) investigated 131 rehabilitation

workers' daily job crafting behaviors and identified two profiles: active

job crafters (using both approach and avoidance crafting) and passive

job crafters (using only avoidance crafting). In another study,

Mäkikangas and Schaufeli (2021) investigated 419 managers' job

crafting measured at a general level—without setting a specific time

frame. The authors integrated the job demands-resources perspective

of job crafting (Tims et al., 2012) and the perspective of Wrzesniewski

and Dutton (2001) and identified four profiles: approach-oriented

crafters (i.e., above-average use of approach job crafting and below-

average use of decreasing hindering job demands), avoidance-oriented

crafters (i.e., above-average use of decreasing hindering job demands

and low use of approach crafting), average crafters (i.e., average use

of all job crafting strategies), and self-oriented crafters (i.e., above-

average use of task crafting, increasing structural job resources and

increasing challenging job demands, low use of cognitive crafting, and

below-average use of relational and social job resources crafting and

decreasing hindering job demands). Overall, both studies showed that

avoidance crafting is less detrimental when combined with the use of

approach crafting, aligning with the argument of Zhang and Parker

(2019).

Despite the noteworthy strengths of these studies, there are sev-

eral significant limitations and unaddressed questions that need fur-

ther investigation. A primary concern lies in the generalizability of job

crafting profiles. The inconsistencies of job crafting profiles observed

across existing studies necessitate replication and reconciliation.

Indeed, this challenge of generalizability represents a recognized issue

within the broader field of person-centered research. Leading scholars

in this field have called for systematic and quantitative testing to

ensure that identified profiles are meaningful and are not merely arti-

facts of specific sampling methods (Morin et al., 2016).

Several factors could contribute to the inconsistencies in job

crafting profiles, including the adoption of different theoretical frame-

works, the professions represented in the samples, and sample sizes.

Our research specifically adopts the job demands-resources perspec-

tive of job crafting (Tims et al., 2012), as this perspective encompasses

both approach crafting (i.e., increasing structural resources, increasing

social resources, and increasing challenging demands) and avoidance

crafting (i.e., decreasing hindering job demands). Furthermore,

Mäkikangas and Schaufeli (2021) recommended employing more

diversified samples in terms of professions and larger sample sizes to

increase the generalizability of job crafting profiles. Consequently, the

primary aim of this paper is to systematically test the similarity of job

crafting profiles across two heterogeneous samples with diverse pro-

fessions and larger sample sizes, which contributes to the validation

of meaningful job crafting profiles.

A second unaddressed question arising from existing research is

whether the job crafting profiles and memberships are consistent and

stable over time. Mäkikangas (2018) found high consistency in day-

level job crafting profiles over a week. However, further investigation

with job crafting behaviors at a more general level and over longer

times is needed (Mäkikangas & Schaufeli, 2021). Thus, the second aim

of this paper is to examine the generalizability and stability of job

crafting profiles over 1 month, which will provide further evidence for

the validity of job crafting profiles.

A third limitation of existing studies is the lack of validation of

how job crafting profiles relate to outcomes across different groups,

which is crucial for ensuring the meaningful interpretation of profiles

(Morin et al., 2016). Consequently, our research aims to systematically

test whether the relationships of job crafting profiles with outcomes

can be meaningfully interpreted across samples. The variable-centered

job crafting research has shown that the strength of job crafting rela-

tionships with work engagement and self-rated performance signifi-

cantly decreased when aggregating avoidance crafting with approach

crafting into an overall job crafting score (Rudolph et al., 2017). Exist-

ing job crafting profile studies have shown that avoidance crafting is

less detrimental for work engagement when employed alongside

approach crafting (Mäkikangas, 2018; Mäkikangas & Schaufeli, 2021).

We aim to validate this finding and extend the outcomes to self-rated

performance, examining whether similar patterns emerge as the rela-

tionship between job crafting profiles and work engagement. This will

contribute to a better understanding of whether the effect of avoid-

ance crafting on employee performance and well-being might be more

or less dysfunctional when combined with approach crafting

behaviors.

A final unaddressed question relates to the antecedents of job

crafting profiles. The variable-centered job crafting research has

revealed how factors influence different job crafting strategies inde-

pendently. For instance, proactive personality and job autonomy, two
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well-established drivers of proactivity (see Marinova et al., 2015, for a

meta-analysis), have been shown to be positively associated with

approach crafting while they related negatively to avoidance crafting

in a meta-analysis (Rudolph et al., 2017). However, the nuanced

impact of these factors on the combined use of approach and avoid-

ance crafting remains unclear. Given that avoidance crafting can also

play a role in proactive behavior when used alongside approach craft-

ing (Zhang & Parker, 2019), individuals with high proactive personality

and job autonomy might simultaneously engage in both high levels of

approach crafting and avoidance crafting. Therefore, investigating the

antecedents of job crafting profiles provides valuable insights that

extend beyond the findings of variable-centered research on job

crafting.

2 | THEORY AND HYPOTHESES

In what follows, we develop our hypotheses regarding job crafting

profiles and their outcomes and antecedents.

2.1 | Job crafting profiles

In this study, we draw on the job demands-resources perspective of

job crafting theory (Tims & Bakker, 2010), in conjunction with the

conservation of resources theory (COR, Hobfoll, 1989, 2001), to

develop hypotheses on distinct job crafting profiles. The job

demands-resources perspective suggests that employees can adjust

the job demands and job resources to better fit their needs, skills,

and preferences (Tims et al., 2012; Tims & Bakker, 2010). As stated

in COR theory (Hobfoll, 1989, 2001), employees are driven to gain

resources and protect themselves from resource loss via two dis-

tinct processes: resource protection or resource accumulation,

depending on their existing level of resource loss and associated

motivations.

We adopt the approach-avoidance taxonomy, which has proven

effective in categorizing distinct job crafting profiles

(Mäkikangas, 2018; Mäkikangas & Schaufeli, 2021), to develop our

hypotheses. Consistent with COR theory and the resource accumula-

tion process, approach forms of job crafting aim to enhance desirable

job aspects to make the work environment resourceful and stimulat-

ing. In contrast, avoidant forms of job crafting are used to prevent

resource loss and therefore are similar to a resource protection pro-

cess. Individuals with a pool of resources have greater opportunities

to gain and accumulate new resources, for example, through approach

forms of crafting. However, individuals who lack resources are more

likely to focus on protecting remaining resources, such as through

avoidance crafting.

In what follows, we develop hypotheses of job crafting profiles

based on theories and existing job crafting profile studies. Mäkikangas

(2018) identified two job crafting profiles. The majority of employees

(94%) were active job crafters who used high levels (i.e., above the

sample means) of both approach and avoidance crafting, while

the remaining 6% of employees (passive job crafters) engaged in low

levels (below the sample means) of all job crafting strategies but

sought to use more avoidance crafting. Mäkikangas and Schaufeli

(2021) found four job crafting profiles: 47% were “average crafters”
characterized by average use of all job crafting strategies; 30% were

“avoidance-oriented” crafters characterized by above-average use of

avoidance crafting but below-average use of approach crafting; 19%

were “approach-oriented crafters” characterized by above-average

use of approach crafting but below-average use of avoidance crafting;

and 4% were “self-oriented task crafters” characterized by above-

average use of task-related job crafting strategies but below-average

use of all other job crafting strategies.

We first identify proactive crafters as employees possessing a rich

pool of resources, enabling them to readily acquire additional

resources and actively engage in resource accumulation. Leveraging

their available resources, these individuals exert control over their

work environment and are driven to further expand their resource

pool by proactively seeking new resources. Consequently, we antici-

pate these individuals to exhibit high levels of approach forms of

crafting. In terms of avoidance crafting, we put forth two profile possi-

bilities based on the job demands-resources theory and existing job

crafting profile studies. First, employees with sufficient resources to

manage job demands may not require avoidance crafting. This profile

would exhibit high levels of approach crafting and low levels of avoid-

ance crafting, aligning with the approach-oriented crafters identified

by Mäkikangas and Schaufeli (2021). Second, employees might need

to proactively minimize hindering job demands to create the capacity

and resources for role expansion through approach crafting. This pro-

file would exhibit both high levels of approach and avoidance crafting,

similar to the active job crafters described by Mäkikangas (2018).

Second, we identify reactive crafters as employees who have

experienced resource loss and consequently prioritize protecting their

remaining resources, investing less effort in acquiring new ones. The

COR theory posits that individuals require resources to meet job

demands and perform effectively (Hobfoll, 1989). When resources are

depleted or not replenished, individuals struggle to cope with work-

place demands and are more likely to avoid hindering demands

(Wright & Cropanzano, 1998). Therefore, we anticipate these

employees to engage in minimal approach crafting but to exhibit

higher levels of avoidance crafting to conserve energy. This profile

aligns with the passive job crafters identified by Mäkikangas (2018)

and the avoidance-oriented crafters described by Mäkikangas and

Schaufeli (2021).

Third, beyond the extremes of proactive crafters with abundant

resources and reactive crafters facing resource depletion, we identify

active crafters as a middle-ground group. These employees possess

some resources but also face the challenge of actual or potential

resource loss. Consequently, they have some capacity to acquire new

resources through approach crafting while also needing to engage in

avoidance crafting to manage hindering job demands. This profile

would exhibit moderate levels of both approach and avoidance craft-

ing, similar to the average crafters described by Mäkikangas and

Schaufeli (2021).

ZHANG ET AL. 3
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As the person-centered approach is a data-driven method, the

profiles we propose may not be exhaustive to cover all potential job

crafting profiles. Nevertheless, based on the theoretical reasoning

and previous job crafting profile studies, we hypothesize the

following:

Hypothesis H1. There are at least three or four pro-

files of job crafters: proactive crafters characterized by

high levels of approach crafting with low or high levels

of avoidance crafting; active crafters demonstrating

moderate levels of both approach and avoidance craft-

ing; and reactive crafters exhibiting low levels of

approach crafting but high levels of avoidance

crafting.

2.2 | Outcomes of job crafting profiles

People who proactively craft their jobs are more likely to experience

enhanced well-being and performance due to their increased control

over their work environment (Wrzesniewski & Dutton, 2001) and

improved person-job fit (Lu et al., 2014; Tims et al., 2016). The job

demands-resources theory (Bakker & Demerouti, 2007) posits that

sufficient job resources and challenging demands foster employee

motivation and performance. Consequently, when employees utilize

approach crafting to increase job resources and challenges, they ful-

fill their needs for autonomy, relatedness, and competency, thereby

promoting well-being and performance (Tims et al., 2013, 2015).

Meta-analyses on job crafting have consistently shown that

employees who use more approach crafting are more engaged and

perform better (Lichtenthaler & Fischbach, 2019; Rudolph

et al., 2017).

While avoidance crafting is expected to shield employees from

excessive job demands, variable-centered research suggests it may be

dysfunctional when examined in isolation from other job crafting

strategies (Lichtenthaler & Fischbach, 2019; Rudolph et al., 2017).

However, the person-centered approach suggests that the impact of

avoidance crafting is contingent upon its concurrent use with

approach crafting (Zhang & Parker, 2019). Employees who proactively

create opportunities for skill development, build colleague support,

and concurrently reduce hindering job demands may maintain ade-

quate levels of work engagement and job performance (Petrou

et al., 2012; Petrou & Xanthopoulou, 2021). This is because these

crafters have created a more fulfilling and stimulating work environ-

ment. Conversely, those who primarily focus on reducing hindering

job demands may inadvertently create a less motivating and resource-

ful work environment (Petrou et al., 2012; Petrou &

Xanthopoulou, 2021).

Considering the combined use of approach and avoidance craft-

ing, preliminary findings from job crafting profile studies indicated that

employees who predominantly used approach forms crafting

(i.e., approach-oriented crafters) or those who used high levels of

approach forms of crafting combined with some level of avoidance

crafting (i.e., active crafters) reported the highest levels of work

engagement, while those primarily utilizing avoidance crafting exhib-

ited the lowest levels of work engagement (Mäkikangas, 2018;

Mäkikangas & Schaufeli, 2021).

Therefore, on grounds of above theoretical reasoning and consis-

tent with previous job crafting profile studies, we propose the

following:

Hypothesis H2. Proactive crafters will report the high-

est levels of work engagement and performance (task

performance and OCB), followed by active crafters, with

reactive crafters reporting the lowest levels on these

outcomes.

2.3 | Predictors of job crafting profiles

In this study, we focus on proactive personality as an individual pre-

dictor and job autonomy as a contextual predictor of job crafting pro-

files as they have been recognized as the strongest predictors of

proactive behavior (Marinova et al., 2015). Job crafting research has

shown that both proactive personality and job autonomy play a signif-

icant role in motivating job crafting behaviors (Tims & Bakker, 2010;

Wrzesniewski & Dutton, 2001).

Proactive personality refers to a proclivity to initiate positive

changes to the environment irrespective of situational constraints

(Bateman & Crant, 1993). Proactive employees craft undesirable job

aspects to create a better environment for themselves (Bakker

et al., 2012). Therefore, proactive employees are inclined to enrich

their structural and social job resources through actions such as seek-

ing autonomy, developmental opportunities, and seeking help or feed-

back. In addition, proactive employees actively seek challenges when

feeling under-stimulated. To gain a better position to deal with job

demands, proactive employees prepare to overcome existing

job demands or prevent future demands.

The variable-centered job crafting research has indicated that

proactive employees engage in more approach crafting and less avoid-

ance crafting (Rudolph et al., 2017). Thus, employees with higher

levels of proactive personality tend to use more approach types of

crafting. Moreover, the person-centered approach of job crafting sug-

gests that proactive individuals may reduce hindering job demands to

allocate resources toward approach crafting. However, their tendency

to accumulate resources may lead them to prioritize approach crafting

over avoidance crafting. Considering this preference for approach

crafting and the potential combined use of avoidance crafting, we pro-

pose the following:

Hypothesis H3. Individuals high in proactive personal-

ity will have a higher probability of being proactive craf-

ters as opposed to reactive crafters (H3a), of being

active crafters as opposed to reactive crafters (H3b),

and of being proactive crafters as opposed to active

crafters (H3c).

4 ZHANG ET AL.
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Employees who are motivated to make changes in their jobs are

likely to assess crafting opportunities before taking action (van

Wingerden & Poell, 2017; Wrzesniewski & Dutton, 2001). Job auton-

omy, defined as the extent of freedom in work scheduling, choosing

methods to carry out work tasks and making decisions (Morgeson &

Humphrey, 2006), plays a significant role in enhancing the possibility

of job crafting (Petrou et al., 2012; Tims & Bakker, 2010;

Wrzesniewski & Dutton, 2001). Job autonomy leads not only to

meaningful and healthy work but also to felt responsibility for the job,

increasing perceived opportunities for job crafting (Tims &

Bakker, 2010; Wrzesniewski & Dutton, 2001).

From the variable-centered approach, a meta-analysis showed

that job autonomy is associated with increased use of approach craft-

ing and decreased use of avoidance crafting (Rudolph et al., 2017).

Aligned with this research, we anticipate that as job autonomy

increases, employees will engage in more approach crafting. Accord-

ing to the COR theory (Hobfoll, 2001), when employees possess job

resources, they are in a better position to address job demands and

accumulate additional resources (Hobfoll, 2002). Therefore, when

considering the combined use of job crafting strategies, high job

autonomy offers opportunities to reduce hindering demands and

accumulate job resources for positive outcomes. In contrast, low job

autonomy limits job crafting opportunities and leads to resource loss.

To mitigate the pressure of high job demands, employees with low

job autonomy will primarily attempt to reduce hindering job demands

(Wright & Cropanzano, 1998) and are less likely to use approach

crafting due to the lack of resources for future investment

(Hobfoll, 2001).

In sum, we argue that

Hypothesis H4. Higher levels of job autonomy will

increase the possibility of individuals being proactive

crafters as opposed to reactive crafters (H4a), being

active crafters as opposed to reactive crafters (H4b),

and being proactive crafters as opposed to active

crafters (H4c).

3 | OVERVIEW OF STUDIES

To test our hypotheses, we conducted two studies focusing on

employees' general job crafting behaviors, which are relatively stable.

This approach is preferred, as it mitigates the fluctuations in job craft-

ing behaviors observed over short periods, such as a day or a week

(Mäkikangas & Schaufeli, 2021).

3.1 | Study 1

Study 1 was designed to investigate and validate job crafting pro-

files by examining their similarity across two diverse samples, as

well as the consistency of their relationships with outcomes and

predictors.

3.1.1 | Method

Participants and procedure

Data used in Study 1 were part of a larger project, and other parts of

that dataset have been reported in a published paper (see Paper 1 in

the data transparency table).

Sample 1. Respondents were recruited in the Netherlands, with the

help of four HR Management Master's students. The students each

reached out to their contacts within organizations and their social net-

works (e.g., LinkedIn and Facebook) to invite employees to participate

in the study. Furthermore, the snowballing technique was used by

providing participants with a standardized invitation including a

description of the research project and a survey link that they could

spread among their colleagues. A total of 560 employees started the

online survey, of which 350 finished (a response rate of 62.5%). There

were slightly more female respondents (60.1%), and the sample was

on average 26.07 years old (SD = 4.50). Respondents worked on

average for about 2.18 years (SD = 2.13) in their current organization

with a total work experience of 4.92 years (SD = 3.28). On average,

respondents worked 35.97 h per week (SD = 11.42). In terms of edu-

cational level, most participants had a university level of education

(45.4%), followed by a vocational level of education (38.6%), a

secondary-school level of education (12.3%), or other (3.7%). They

were employed in the following sectors: business (19.9%), healthcare

(12.5%), culture and other services (12.2%), education (11.1%), gov-

ernment (9.7%), financial activities (7.8%), trade (6.9%), construction

(6.4%), and other (13.5%).

Sample 2. Three German HR Management Master's students collected

the data in Germany, using the same procedure as described in Sam-

ple 1. A total of 415 employees started the survey with 296 finishing

it (response rate of 71.3%). There were slightly more female respon-

dents (63.5%), and the respondents were on average 24.21 years old

(SD = 3.72). On average, they had worked for about 1.99 years

(SD = 1.94) in their current organization with a total work experience

of 4.09 years (SD = 3.17). Respondents worked 40.11 h per week

(SD = 11.00). Participants mainly had secondary education (14.9%),

vocational education (39.2%), university training (25.7%), or others

(20.2%) and were employed in the following sectors: financial activi-

ties (32.1%), business activities (17.6%), production (11.1%), culture

and other services (8.8%), trade (8.1%), government (8.1%), transport

(3.7%), and others (10.5%).

Measures

All variables were rated on a 5-point Likert scale ranging from

1 (strongly disagree) to 5 (strongly agree) unless otherwise indicated. A

back-translation procedure was adopted to ensure item accuracy

(Brislin, 1986). All Cronbach alpha values were acceptable with values

above .70 (see Tables S1 and S2).

Job crafting. Job crafting was assessed using the job crafting scale

developed by Tims et al. (2012), including four job crafting
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dimensions: increasing structural job resources (five items, e.g., “I try
to learn new things at work”), increasing social job resources (five

items, e.g., “I ask others for feedback on my job performance”),
increasing challenging job demands (five items, e.g., “I regularly take

on extra tasks even though I do not receive extra salary for them”),
and decreasing hindering job demands (six items, e.g., “I make sure

that my work is mentally less intense”). Answer categories ranged

from 1 (never) to 5 (often).

Proactive personality. Proactive personality was measured with a

shortened four-item scale (Parker & Collins, 2010). An example item is

“If I believe in an idea, no obstacle will prevent me from making it

happen.”

Job autonomy. Job autonomy was measured with four items devel-

oped by Bakker et al. (2003). An example item is “Do you have free-

dom to solve problems at work yourself?” Answer categories ranged

from 1 (never) to 5 (always).

Work engagement. Work engagement was assessed using the Utrecht

Work Engagement Scale (UWES) comprising three dimensions

(Schaufeli et al., 2006): vigor (three items, e.g., “At my job, I feel strong

and vigorous”), dedication (three items, e.g., “My job inspires me”),
and absorption (three items, e.g., “I feel happy when I am working

intensely”). The response categories ranged from 0 (never) to

6 (always).

Self-reported task performance. Task performance was assessed with a

seven-item scale (Williams & Anderson, 1991). An example item is “I
adequately complete assigned duties.”

OCB. OCB toward individuals was assessed using a seven-item scale

(Williams & Anderson, 1991). An example item is “I help others who

have been absent.”

Statistical analyses

Confirmatory factor analyses (CFAs) and latent profile analyses (LPAs)

were performed following the guidelines for analyzing latent profile

similarity across multiple groups (Morin et al., 2016). CFAs were con-

ducted to verify the factorial validity of all measures and their mea-

surement invariance across samples, using the robust maximum

likelihood estimator (MLR) available in Mplus 8 (Muthén &

Muthén, 2017). Details of all measurement models and measurement

invariance models are reported in Table S3. Factor scores (estimated

with an SD of 1 and a grand mean of 0 across samples) were saved

from the strict invariant (i.e., factor loadings, intercepts, and residuals

constrained to be equal) measurement models (Millsap, 2011) and

used for subsequent analyses. Factor scores are better than scale

scores for LPAs as they ensure measure comparability across samples

and reduce measurement errors by assigning higher weights to more

credible items (Morin et al., 2016).

LPA models were estimated based on factor scores of the four

job crafting indicators. To ensure global maximum of model

estimation, all LPA models were estimated using 5000 random sets of

start values and 1000 iterations, and the 200 best solutions were

retained for final stage optimization (Hipp & Bauer, 2006). Starting

from a single-profile model, LPA models with up to four profiles were

estimated separately for each sample.

A variety of statistical indicators were used to choose the best fit

solution (McLachlan & Peel, 2000). Specifically, a lower value on the

Akaike information criterion (AIC), Consistent AIC (CAIC), Bayesian

information criterion (BIC), sample-size-adjusted BIC (SABIC), a signifi-

cant value on Lo–Mendell–Rubin likelihood ratio test (LMR), and

bootstrap likelihood ratio test (BLRT) indicate a favorable model. In

addition, the entropy ranging from 0 to 1 indicates the precision of

latent profiles extracted from the cases (Peugh & Fan, 2013). Higher

values close to 1 indicate better classification accuracy in the model.

All indicators, along with theoretical meaning, need to be considered

to choose the best fit model with an optimal number of latent profiles

(Marsh et al., 2009).

Meaningful profiles should exhibit both quantitative and qualita-

tive differences (Marsh et al., 2009). Quantitative differences refer to

variations in the levels of indicators across profiles (Marsh

et al., 2009). For example, in the context of job crafting, profiles with

only quantitative differences might consist of three profiles with high,

medium, and low levels of all job crafting behaviors, respectively.

These profiles would appear parallel to each other in a visual repre-

sentation. Qualitative differences, on the other hand, refer to varia-

tions in the shapes of the profiles, indicating relatively high or low

levels of different indicators (Marsh et al., 2009). For instance,

Mäkikangas and Schaufeli (2021) identified approach-oriented craf-

ters who used more approach crafting than avoidance crafting,

avoidance-oriented crafters who exhibited the opposite pattern, and

average crafters who showed no preference for either crafting type.

These distinct patterns create unique shapes for each job crafting

profile.

After recognizing the LPA models in both samples, profile similar-

ity was systematically tested across two samples following strategies

outlined by Morin et al. (2016). First, the optimal LPA models in both

samples were integrated into a single multigroup LPA model to form

the configural similarity model, which aims to assess if the same num-

ber of profiles could be ascertained in both samples. Next, we

assessed if the indicators' levels in each profile were the same across

samples to test the structural similarity, which concerns the nature

and meaning of profiles. In the third step, we examined whether pro-

file indicators' variability in each profile were the same across samples

to test the dispersion similarity, which determines whether the pro-

files are more or less homogenous. Finally, we assessed if the relative

sizes of the profiles were the same across samples to test the distribu-

tional similarity.

After tests of similarity of job crafting profiles across samples,

we further included predictors and outcomes into the model to

examine the predictive similarity (i.e., whether the predictor-profile

relations are the same across samples) and explanatory similarity

(i.e., whether the profile-outcome relations are the same across sam-

ples). Including covariates into LPA models is likely to influence the

6 ZHANG ET AL.
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nature of job crafting profiles (Vermunt, 2010). To avoid changes in

job crafting profiles, we used the start values of the retained similar-

ity model in models including the covariates (Morin et al., 2016).

We used multinomial logistic regressions to investigate how proac-

tive personality and job autonomy are associated with job crafting

profiles.

To test predictive similarity, we compared a similarity model

that constrained the relationships between job crafting profiles and

predictors to be equal across samples with a model that allowed

these relationships to vary freely within each sample. We tested

explanatory similarity by imposing equality constraints across

samples on the within-profile means of outcome variables. Support

for predictive or explanatory similarity was established if the simi-

larity model yielded at least two lower values on the CAIC, BIC,

and/or ABIC compared to the freely estimated model (Morin

et al., 2016).

3.1.2 | Results and discussion

Job crafting profiles and similarities

We examined LPA models including one- to four-profile solutions sep-

arately in both samples. As shown in Table 1, in both samples, the

values of BIC, CAIC, and SABIC kept declining as the number of pro-

files increased. The LMR supported a three-profile solution in Sample

2, indicated by the non-significant LMR value for the four-profile solu-

tion. Although the significant LMR in Sample 1 suggested a four-

profile solution, only three profiles displayed qualitative differences

(i.e., profiles with distinct shapes). Two parallel reactive crafter profiles

emerged, differing solely in the levels of all job crafting behaviors.

Consequently, we adopted the three-profile solution, as it was both

the most meaningful solution and was consistent with theorizing. This

confirmed the configural similarity of job crafting profiles across sam-

ples, as we identified the same number of meaningful profiles in each.

TABLE 1 Fit results from the latent profiles analyses and profile similarity analyses conducted in Study 1.

Log likelihood #fp Scaling AIC CAIC BIC SABIC Entropy LMR BLRT

Class enumeration: the Netherlands (Sample 1)

1 profile �1381.08 8 0.95 2778.16 2817.02 2809.02 2783.64 — — —

2 profiles �1122.33 13 1.10 2270.66 2333.81 2320.81 2279.57 0.89 <0.001 <0.001

3 profiles �1032.65 18 1.20 2101.29 2188.74 2170.74 2113.63 0.84 0.005 <0.001

4 profiles �976.43 23 1.12 1998.87 2110.60 2087.60 2014.63 0.87 0.002 <0.001

Class enumeration: Germany (Sample 2)

1 profile �1106.82 8 1.10 2229.63 2267.15 2259.15 2233.78 — — —

2 profiles �962.74 13 1.41 1951.48 2012.46 1999.46 1958.23 0.77 0.012 <0.001

3 profiles �887.50 18 1.26 1811.00 1895.42 1877.42 1820.34 0.87 0.020 <0.001

4 profiles �834.24 23 1.42 1714.48 1822.36 1799.36 1726.42 0.86 0.138 <0.001

Class enumeration: combined samples (Samples 1 & 2)

1 profile �1635.59 8 0.99 3287.17 3330.94 3322.94 3297.54 — — —

2 profiles �1272.66 13 1.19 2571.32 2642.44 2629.44 2588.17 0.83 <0.001 <0.001

3 profiles �1139.62 18 1.56 2315.25 2413.72 2395.72 2338.57 0.80 0.012 <0.001

4 profiles �1046.90 23 1.34 2139.80 2265.63 2242.63 2169.61 0.83 0.024 <0.001

Profile similarity

Configural �2336.93 53 1.15 4779.85 5069.80 5016.80 4848.53 0.92 — —

Structural �2417.85 41 1.20 4917.70 5142.00 5101.00 4970.83 0.89 — —

Structural (partial) �2345.85 47 1.16 4785.69 5042.82 4995.82 4846.59 0.90 — —

Dispersion �2356.73 41 1.16 4795.47 5019.77 4978.77 4848.60 0.89 — —

Distribution �2367.48 39 1.23 4812.96 5026.32 4987.32 4863.50 0.89 — —

Predictive similarity

Freely estimated �1659.77 63 1.14 3445.54 3771.36 3708.36 3508.40 0.90 — —

Equality constrained �1668.42 51 1.15 3438.85 3702.60 3651.60 3489.74 0.90 — —

Explanatory similarity

Freely estimated �5618.78 99 1.38 11435.56 11976.40 11877.40 11563.08 0.92 — —

Equality constrained �5516.17 84 1.27 11200.33 11659.23 11575.23 11308.53 0.93 — —

Abbreviations: #fp, number of free parameters; AIC, Akaike information criterion; BIC, Bayesian information criterion; BLRT, p value associated with the

bootstrap likelihood ratio test; CAIC, consistent AIC; LMR, p value associated with the adjusted Lo–Mendell–Rubin likelihood ratio test; SABIC, sample size

adjusted BIC.
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As shown in Table 1, the structural similarity model showed

higher values on CAIC, BIC, and SABIC than the baseline configural

similarity model, indicating structural differences in job crafting pro-

files across samples. A partial structural similarity model was retained

for dispersion similarity as suggested by Morin et al. (2016). The lower

CAIC and BIC values supported the dispersion similarity of job crafting

profiles across samples, indicating consistent within-profile variability

across both samples. Finally, increased AIC, BIC, and CAIC values did

not support distributional similarity, implying variations in the relative

sizes of job crafting profiles between samples. Therefore, the disper-

sion similarity model was used for illustration (Figure 1) and for pre-

dictive and explanatory similarity tests. The retained three-profile

model yielded high classification accuracy (entropy value of .89), fur-

ther supported by high correct membership assignment probabilities

(ranging from .90 to .97 in Sample 1 and from .90 to .95 in Sample 2;

see Table S4). Thus, Hypothesis H1 was supported.

Figure 1 illustrates the strong similarity in the profile structures

of proactive and reactive crafters across samples, despite minor dif-

ferences in specific indicators. Notably, German proactive crafters

exhibited higher levels of increasing structural job resources com-

pared to the Dutch sample, while German reactive crafters displayed

higher levels of decreasing hindering job demands. Given that active

crafters utilize both approach and avoidance crafting strategies with-

out a clear preference, their structural differences across samples are

less surprising. Despite some structural variations, the overall charac-

teristics and patterns of job crafting profiles align with our

hypothesis.

Moreover, the three job crafting profiles displayed both quantita-

tive and qualitative differences. Quantitative differences were evident

in the levels of approach crafting behaviors across profiles, with pro-

active crafters demonstrating the highest levels, followed by active

crafters and then reactive crafters. Qualitative differences were

reflected in the profiles' shapes, with proactive crafters using more

approach crafting, reactive crafters using more avoidance crafting,

and active crafters having no preference for either crafting type.

With differences in profile sizes across samples, results (Table S4)

showed higher prevalence of proactive and active crafters in the Ger-

man sample (39.9% and 48.9% of employees, respectively) compared

to the Dutch sample (31.7% and 40.3%, respectively). Conversely,

reactive crafters were more prevalent in the Dutch sample (28.0%)

than in the German sample (11.2%).

Similarities of outcomes of job crafting profiles

As shown in Table 1, explanatory similarity (i.e., profile-outcome rela-

tionship similarity) was supported with lower values of CAIC, BIC, and

ABIC in the similarity model. Means of all outcome variables in each

profile and comparisons of mean-level differences in both samples are

reported in Table 2. The results indicate that proactive crafters exhibit

the most desirable levels across all outcomes (excluding task perfor-

mance), followed by active crafters and, lastly, reactive crafters. Task

performance is the sole exception, showing no significant difference

between reactive and active crafters. Thus, Hypothesis H2 was largely

supported.

Similarities of predictors of job crafting profiles

Predictive similarity (i.e., predictor-profile relationship similarity) was

confirmed with lower values on CAIC, BIC, and SABIC in the similarity

model (Table 1). The relations of job crafting profiles with predictors

retained from the predictive similarity model are reported in Table 3.

In terms of demographics, gender and tenure were uncorrelated with

job crafting profile membership. As age increased, the likelihood of

being proactive crafters versus reactive crafters decreased. Individuals

with higher education exhibited an increased probability of being pro-

active crafters versus active crafters.

As hypothesized, proactive employees demonstrated a higher

likelihood of being classified as proactive crafters compared to

-1.5
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-0.5
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Increasing structural

resources

Increasing social

resources

Increasing challenging

demands
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Netherlands Proactive Netherlands Active Netherlands Reactive

Germany Proactive Germany Active Germany Reactive

F IGURE 1 Job crafting profiles
identified in Study 1 at both samples.
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reactive crafters (Hypothesis H3a) and active crafters

(Hypothesis H3c), as well as a higher probability of being active craf-

ters compared to reactive crafters (Hypothesis H3b). Thus,

Hypothesis H3a–c was supported. Table 3 further showed that

increased job autonomy was associated with a higher probability of

being categorized as proactive crafters versus reactive crafters

(Hypothesis H4a). However, job autonomy was uncorrelated with the

likelihood of being active crafters as opposed to reactive crafters

(Hypothesis H4b), and the probability of being proactive

crafters instead of active crafters (Hypothesis H4c). Thus, only

Hypothesis H4a, was supported.

In summary, the significant differences in outcomes observed

across the three job crafting profiles provide strong support

for their meaningful distinction. Moreover, findings on predictors

of job crafting profiles reveal that individuals with a high

proactive personality or a high degree of job autonomy also

engage in avoidance crafting. This is reflected in the proactive craf-

ters profile, suggesting that avoidance crafting, when combined

with approach crafting, can be a component of a proactive

strategy.

A limitation of Study 1 is its cross-sectional design, which raises

concerns about common method bias and prevents the examination

of both the longitudinal similarity of job crafting profiles and the tran-

sitions in profile membership over time. To address these limitations

and gain deeper insights into job crafting profiles, Study 2 was

conducted.

3.2 | Study 2

To add more robustness to the job crafting profiles, we assessed the

longitudinal similarity of job crafting profiles across two time points

over 1 month. To overcome the common method bias in Study 1, we

replicated the relationships of job crafting profiles with predictors and

outcomes, measured at separate times. Specifically, we linked Time

2 job crafting profile membership with predictors at Time 1 and out-

comes at Time 3.

While determining the ideal time lag for assessing the longitudinal

consistency of job crafting profiles remains an open question in the lit-

erature, job crafting research using the variable-centered approach

has shown meaningful changes in job crafting behaviors and related

outcomes within timeframes as short as 1 month (Tims et al., 2013,

2015). Following recommendations for utilizing shorter intervals in

research (Dormann & Griffin, 2015), we posit that a 1-month period is

sufficient for capturing both the stability of individual job crafting

behaviors and any potential fluctuations arising from external environ-

mental factors.

3.2.1 | Method

Participants and procedure

Data used in this study are distinct from Study 1. It has previously

been reported in two published papers (see Papers 2 and 3 in the data

TABLE 2 Means of outcomes in job crafting profiles in Study 1 (explanatory similarity).

Outcome Proactive crafters (P1) Active crafters (P2) Reactive crafters (P3) Tests of significance

Vigor 0.674 �0.350 �1.344 P1 > P2 > P3

Dedication 0.781 �0.428 �1.750 P1 > P2 > P3

Absorption 0.862 0.009 �1.161 P1 > P2 > P3

Task performance 0.151 �0.148 �0.179 P1 > P2 = P3

OCB 0.201 �0.126 �0.330 P1 > P2 > P3

TABLE 3 Effects of predictors on job crafting profile memberships in Study 1 (predictive similarity).

Profile 1 vs. Profile 3 Profile 2 vs. Profile 3 Profile 1 vs. Profile 2

Coef. (SE) OR Coef. (SE) OR Coef. (SE) OR

Age �0.14 (0.05)* 0.87 �0.05 (0.04) 0.95 �0.09 (0.05) 0.92

Gender �0.20 (0.35) 0.82 �0.02 (0.29) 0.98 �0.17 (0.29) 0.84

Education 0.30 (0.28) 1.34 �0.23 (0.24) 0.80 0.52 (0.20)** 1.68

Tenure �0.09 (0.09) 0.92 �0.03 (0.09) 0.97 �0.06 (0.08) 0.95

Proactive personality 6.14 (0.86)*** 463.17 2.79 (0.60)*** 16.32 3.35 (0.68)*** 28.38

Job autonomy 0.59 (0.28)* 1.80 0.40 (0.24)† 1.49 0.19 (0.24) 1.21

Note: Profile 1, proactive crafters; Profile 2, active crafters; Profile 3, reactive crafters.

Abbreviations: SE, standard error of the coefficient; OR, odds ratio.

*p < .05, **p < .01, ***p < .001, and †p < .10.
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transparency table). Respondents were recruited from a chemical

plant in the Netherlands. The plant makes plastics and supplies them

to the automotive and healthcare industries. All employees

(N ≈ 1250) received a standard invitation including a description and

confidentiality of the study, a personal login code, and the survey link.

The study was designed with three measurement times each with

1 month in-between, measuring job autonomy at Time 1, job crafting

at Times 2 and 3, and work engagement, task performance, and OCB

at Time 3. The number of participants at T1, T2, and T3 was

564 (45.1%), 468 (37.4%), and 477 (38.1%), respectively.

There were 288 participants in total who completed the surveys

on all three occasions, which comprised the sample for this study. Par-

ticipants were mainly male (82.6%), which is consistent with the gen-

der distribution within the organization, with a mean age of

45.19 years (SD = 8.71). On average, participants had worked for

18.31 years (SD = 9.95) in this organization and worked 39.15 h per

week (SD = 6.81). Regarding educational level, 15% of the partici-

pants had primary or secondary education, 40% had vocational educa-

tion, and 45% had higher degrees in universities or colleges.

Additional analyses showed that there were no significant differences

in the demographic and study variables between those who dropped

out and those who finished all three surveys. Thus, the sample was

deemed to be representative of the total population of 1250

individuals.

Measures

Job autonomy, job crafting, work engagement, task performance, and

OCB were measured with the same scales used in Study 1. All Cron-

bach alpha values were acceptable, being above .70 (see Table S5).

Statistical analyses

Similar to Study 1, CFAs were conducted to verify the longitudinal

measurement invariance of job crafting measures across the two time

points (Table S3), and factor scores were saved from strict invariant

measurement models (Millsap, 2011) and used for subsequent

analyses.

Longitudinal similarity of job crafting profiles was tested following

strategies outlined by Morin et al. (2016). Starting with a single-profile

solution, LPA models with up to four profiles were first conducted

separately at each time point. After identifying the best-fitting model

for both waves, we assessed the longitudinal similarity of these job

crafting profiles following the same sequence as in Study 1: configural

similarity, structural similarity, dispersion similarity, and distributional

similarity.

To ensure job crafting profiles remained unchanged by including

covariates, we adopted a three-step approach to estimate predictors

and outcomes of job crafting profiles (Asparouhov & Muthén, 2013;

Vermunt, 2010). First, LPA was conducted to choose the best fitting

model with the optimal number of profiles. Next, the most likely class

membership was retained relying on the posterior distribution

(i.e., the most likely profile classification) in the first step. Finally, con-

sidering both the most likely class membership and classification error,

the relationships between covariates and job crafting profiles were

estimated. Multinomial logistic regressions were conducted to esti-

mate relations of job crafting profiles with predictors via the R3STEP

command in Mplus (Asparouhov & Muthén, 2013). The regression

results determine changes in the probability of a person classified to

one profile over another profile with changes of levels in predictors.

We utilized the DU3STEP command in Mplus (Asparouhov &

Muthén, 2013) to estimate the outcomes of job crafting profiles,

which compares each profile on each outcome separately to deter-

mine significant differences between the compared groups.

3.2.2 | Results and discussion

Longitudinal similarity of job crafting profiles

As shown in Table 4, the BIC, CAIC, and SABIC values decreased with

an increasing number of profiles. The non-significant LMR values in

the four-profile solution supported the three-profile solution in both

time points. Therefore, the configural similarity was confirmed. Next,

the structural similarity, dispersion similarity, and distributional similar-

ity were all confirmed with lower CAIC, BIC, and SABIC values in the

similarity model. Thus, the distributional similarity model was retained

for interpretation, and profile solutions are illustrated in Figure 2. This

model resulted in a high classification accuracy of job crafting profiles

with an entropy value of .85. The three identified job crafting

profiles are meaningfully distinct, both quantitatively (differences in

job crafting indicator levels) and qualitatively (differences in profile

shapes regarding relative levels of approach and avoidance crafting).

Thus, Hypothesis H1 was supported.

The size of the three profiles remained relatively stable over time

(see Table S6), characterizing 32.3% and 35.4% of proactive crafters

at Times 2 and 3, 46.5% and 43.4% of active crafters at Times 2 and

3, and 21.2% and 21.2% of reactive crafters at Times 2 and 3. Despite

the stable relative sizes of job crafting profiles, 29.9% of the partici-

pants (86 out of 288 employees) switched profile classifications

between Times 2 and 3 (see Table S6), which indicates a change in

their combined use of the job crafting strategies. For example, 22 out

of 93 employees who were classified as proactive crafters at Time

2 became active crafters at Time 3.

Outcomes of job crafting profiles

As Table 5 indicates, proactive crafters demonstrated the highest level

of work engagement, followed by active crafters and then reactive

crafters. Similarly, proactive crafters exhibited the highest task perfor-

mance compared to the other two profiles. However, no significant

difference in task performance was observed between active and

reactive crafters. In terms of OCB, proactive crafters reported higher

levels than reactive crafters, but no significant differences were found

between active versus reactive crafters, nor between proactive and

active crafters. Thus, Hypothesis H2 was partially supported.

Predictors of job crafting profiles

As shown in Table 6, the multinomial logistic regression results

showed that increased job autonomy led to a higher probability of

10 ZHANG ET AL.
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TABLE 4 Fit results from the latent profiles analyses and profile similarity analyses conducted in Study 2.

Log likelihood #fp Scaling AIC CAIC BIC SABIC Entropy LMR BLRT

Time 2 class enumeration

1 profile �1217.34 8 1.07 2450.69 2487.99 2479.99 2454.62 — — —

2 profiles �1027.09 13 1.32 2080.19 2140.81 2127.81 2086.58 0.82 <0.001 <0.001

3 profiles �945.18 18 1.36 1926.36 2010.29 1992.29 1935.21 0.85 0.029 <0.001

4 profiles �896.41 23 1.37 1838.82 1946.07 1923.07 1850.13 0.86 0.099 <0.001

Time 3 class enumeration

1 profile �1276.04 8 1.02 2568.07 2605.37 2597.37 2572.01 — — —

2 profiles �1082.34 13 1.60 2190.67 2251.29 2238.29 2197.07 0.83 0.028 <0.001

3 profiles �998.46 18 1.40 2032.92 2116.86 2098.86 2041.78 0.82 0.012 <0.001

4 profiles �961.87 23 1.47 1969.73 2076.98 2053.98 1981.04 0.81 0.267 <0.001

Longitudinal transition analyses

Configural similarity �1864.44 52 1.27 3832.88 4075.35 4023.35 3858.45 0.86 — —

Structural similarity �1870.13 40 1.48 3820.27 4006.79 3966.79 3839.94 0.85 — —

Dispersion similarity �1876.38 28 1.86 3808.75 3939.31 3911.31 3822.52 0.85 — —

Distribution similarity �1876.73 26 1.98 3805.45 3926.69 3900.69 3818.24 0.85 — —

Abbreviations: #fp, number of free parameters; AIC, Akaike information criterion; BIC, Bayesian information criterion; BLRT, p value associated with the

bootstrap likelihood ratio test; CAIC, consistent AIC; LMR, p value associated with the adjusted Lo–Mendell–Rubin likelihood ratio test; SABIC, sample size

adjusted BIC.
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F IGURE 2 Job crafting profiles transition model from T2 to T3 in Study 2.

TABLE 5 Outcome means and pairwise comparisons between profiles in Study 2.

Profile means Profile comparisons

Summary of comparisonsP1 P2 P3 Global χ2 1 vs. 3 2 vs. 3 1 vs. 2

Work engagement 5.16 4.39 3.79 46.65*** 45.66*** 9.82** 18.31*** P1 > P2 > P3

Task performance 4.37 4.16 4.09 10.91** 10.10*** 0.82 6.55* P1 > P2 = P3

OCB 4.16 3.97 3.80 13.69*** 13.50*** 2.78 2.43 P1 > P3, P2 = P3, P1 = P2

Note: P1, proactive crafters; P2, active crafters; P3, reactive crafters.

*p < .05, **p < .01, and ***p < .001.
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individuals being proactive crafters compared to reactive crafters

(Hypothesis H4a) and being active crafters compared to reactive craf-

ters (Hypothesis H4b). However, job autonomy was not correlated

with the probability of being classified as proactive crafters versus

active crafters (Hypothesis H4c). Therefore, Hypothesis H4a,b was

supported, but Hypothesis H4c was not supported.

In summary, the results of Study 2 revealed the generalizability

and membership changes of job crafting profiles over time and largely

replicated the results for predictors and outcomes of job crafting pro-

files from Study 1.

4 | GENERAL DISCUSSION

While approach and avoidance job crafting activities have distinct pre-

dictors and outcomes, their interdependence is becoming increasingly

evident. They may complement each other, with their combined use

influencing the effectiveness of job crafting strategies (Tims

et al., 2021). Building upon existing person-centered job crafting

research (Mäkikangas, 2018; Mäkikangas & Schaufeli, 2021), this

study aimed to provide further insights into job crafting profiles by

validating these profiles across diverse samples and time points, and

linking them with relevant outcomes and predictors.

4.1 | Theoretical implications

A key theoretical contribution of this article is that we theorized, and

showed, that distinct subpopulations of employees engage in different

combinations of job crafting strategies. To maximize the generalizabil-

ity of job crafting profiles, we systematically examined the similarity

of job crafting profiles across two diverse samples, revealing three dis-

tinct profiles with remarkably similar structures. Notably, most

employees engage in some degree of avoidance crafting, but the key

differentiation among the profiles is the extent of their use of

approach crafting. Proactive crafters demonstrate the highest level

of approach crafting, followed by active crafters and then reactive

crafters. In fact, reactive crafters primarily engage in avoidance craft-

ing, with minimal approach crafting behaviors.

The characteristics of proactive crafters and reactive crafters pro-

files align with those identified in Mäkikangas (2018). Similarly, the

active crafters profile resembles the average crafters profile found in

Mäkikangas and Schaufeli (2021). However, both our study and

Mäkikangas (2018) found that proactive crafters also engaged in

moderate levels of avoidance crafting, contrasting with the purely

approach-oriented crafters in Mäkikangas and Schaufeli (2021). This

might be due to the rank of participants in the studies, with our study

and Mäkikangas (2018) focusing on employees while Mäkikangas and

Schaufeli (2021) focused on managers. It is plausible that managers

may possess greater access to resources, which can facilitate their

approach-oriented job crafting strategies. For employees facing high

job demands, the combined use of avoidance crafting and approach

crafting could indicate healthy and flexible job crafting

(Mäkikangas, 2018), which aligns with the coping literature that sug-

gests that active copers also utilize avoidance coping strategies

(Mauno et al., 2014). Additionally, consistent with Mäkikangas (2018),

we did not identify the task-oriented crafters profile found in

Mäkikangas and Schaufeli (2021), possibly due to differences in job

crafting perspectives used for profile analysis. As suggested by

Mäkikangas and Schaufeli (2021), this warrants further investigation

considering the small proportion of this profile.

Second, our research contributes to understanding the stability of

job crafting profiles. Consistent with Mäkikangas (2018), despite fluc-

tuations in job crafting behaviors across time (e.g., days and weeks),

the typical job crafting profiles remain stable over a month.

Mäkikangas (2018) did not find the transition of job crafting member-

ship over 1 week. However, we found transitions among different pro-

files over a month, indicating that employees' combined use of job

crafting strategies may change over longer periods. This highlights that

employees' job crafting profiles may be affected by contextual factors.

Third, this study underscores the significance of differentiating

job crafting profiles due to their varying associations with outcomes.

Our research extends prior job crafting theories by providing impor-

tant insights into the effects of the combination of job crafting strate-

gies, beyond variable-centered studies focusing on independent job

crafting strategies. Consistent with previous job crafting profile stud-

ies (Mäkikangas, 2018; Mäkikangas & Schaufeli, 2021), our study

showed that proactive crafters who engaged in high levels of

approach crafting alongside moderate levels of avoidance crafting

experienced the highest work engagement (i.e., work engagement

level: proactive crafters > active crafters > reactive crafters). Interest-

ingly, our study revealed significant differences in task performance

and OCB between proactive and reactive crafters, but not between

active and reactive crafters. This suggests that for employees who

adopt avoidance crafting, achieving significant performance improve-

ment requires engaging in higher levels of approach crafting compared

to the dominant use of avoidance crafting. Overall, and consistent

with previous studies (Mäkikangas, 2018; Mäkikangas &

TABLE 6 Three-step results for
antecedents of job crafting profile
membership in Study 2.

P1 vs. P3 P2 vs. P3 P1 vs. P2

Predictor Coef. (SE) OR Coef. (SE) OR Coef. (SE) OR

Job autonomy 1.19 (0.28)*** 3.29 0.80 (0.23)*** 2.23 0.39 (0.27) 1.48

Note: P1, proactive crafters; P2, active crafters; P3, reactive crafters.

Abbreviations: OR, odds ratio; SE, standard error of the coefficient.

*p < .05, **p < .01, and ***p < .001.
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Schaufeli, 2021), the dominant use of avoidance crafting likely consti-

tutes avoidant behavior, while its combination with approach crafting

strategies appears less detrimental to work engagement and

performance.

Finally, our findings provide a new perspective to investigate fac-

tors that influence job crafting. Unlike the variable-centered results

indicating a negative association between proactive personality and

avoidance crafting (Lichtenthaler & Fischbach, 2019; Rudolph

et al., 2017; Zhang & Parker, 2019), our person-centered approach

reveals that proactive employees also decrease hindering job demands

but do so alongside higher or at least comparable levels of approach

crafting. Moreover, job autonomy consistently differentiated proac-

tive crafters from reactive crafters, but not proactive from active craf-

ters, nor active from reactive crafters. As job autonomy and job

crafting are reciprocally correlated (Petrou et al., 2012; Tims

et al., 2013; Tims & Bakker, 2010), the results might be limited in

cross-sectional research designs, suggesting avenues for future

research. Overall, our results indicate that the effect of proactive per-

sonality and job autonomy is not only to promote approach crafting

but also to encourage employees to balance the use of all job

crafting strategies.

4.2 | Practical implications

Our research findings have significant practical implications for organi-

zations seeking to enhance employee well-being and performance. In

addition to understanding individual job crafting strategies, it is crucial

for organizations to guide employees in effectively combining various

job crafting techniques. The variable-centered job crafting research

cautions against endorsing avoidance crafting due to its association

with detrimental effects (Rudolph et al., 2017). Consequently, many

interventions, following a variable-centered approach, often focus on

enhancing specific job crafting strategies, such as approach crafting,

while neglecting avoidance crafting (e.g., van Wingerden et al., 2016).

Some intervention studies fail to point out the potential risk of using

avoidance crafting and how to mitigate the adverse consequences

when implementing this strategy (e.g., van den Heuvel et al., 2015).

We advocate for a person-centered approach that offers an

impartial depiction of employee use of job crafting strategies, enabling

managers and practitioners to design more effective interventions.

Specifically, recognizing that the proactive crafters profile leads to the

most desirable outcomes, organizations should encourage increased

use of approach crafting. Moreover, employees can be trained to uti-

lize avoidance crafting to protect them from becoming overwhelmed,

but it should be used alongside approach crafting for optimal results.

Regarding the antecedents of profile membership examined in

this study, proactive personality is a relatively stable trait and less sus-

ceptible to intervention influence. Nevertheless, we suggest that orga-

nizations consider providing employees with increased job autonomy,

as it has the potential to elevate the likelihood of becoming proactive

and active crafters, which leads to higher work engagement and

performance.

4.3 | Limitations and future directions

An initial limitation of this research is that all measures were rated

from one source (i.e., employees), raising concerns about common

method bias. However, as job crafting is self-initiated behavior and

not easily observed by others, self-reports are a valuable evaluation

tool (Zhang & Parker, 2019). Therefore, the job crafting profiles are

unlikely to be influenced by common method variance. To further

address this issue, we included a three-wave time-lagged study in

which antecedents and outcomes of job crafting profiles were

collected at different times. Nevertheless, further studies should

collect data from additional sources (e.g., supervisors), particularly

for outcome variables like performance, to ensure greater

robustness.

Second, despite the diverse samples used in our studies, limita-

tions regarding the generalizability of job crafting profiles exist due to

theoretical frameworks and sample characteristics. Future studies

could further replicate job crafting profiles based on the perspective

of Wrzesniewski and Dutton (2001), as we focused solely on the job

demands-resources perspective. Additionally, professions and

employee rank may affect job crafting profiles (Mäkikangas &

Schaufeli, 2021). Thus, future studies could investigate profession-

specific job crafting profiles and potential differences between

employee and manager crafting profiles. Moreover, we investigated

job crafting profiles in two different countries (the Netherlands and

Germany) with cultural distances and found some minor differences in

the shapes of job crafting profiles. However, the impact of cultural

distance on these profiles remains unclear and warrants further explo-

ration. Lastly, research suggests that large samples with over 500 par-

ticipants are needed to detect all possible profiles (Meyer &

Morin, 2016). To address this, we investigated job crafting profiles

using the combined samples (N = 646) in Study 1. While statistical

indices supported a four-profile solution, two parallel reactive crafters

profiles emerged with only quantitative differences. Thus, consistent

with the separate samples, three meaningful profiles were identified

in the combined large sample. However, future research on job craft-

ing profiles should consider sample size as a crucial factor affecting

the number of profiles.

Third, while we investigated the antecedents and outcomes of

job crafting profiles, there was insufficient evidence to point to a

causal direction between these variables. However, our primary pur-

pose was to understand the relationships of job crafting profiles with

outcomes and antecedents, rather than establishing causality. Future

studies could use longitudinal designs to investigate these variables'

causal relationships. For example, the variable-centered job crafting

research has shown reciprocal relationships between work engage-

ment and approach crafting (Vogt et al., 2016) and between avoidance

crafting and burnout (Petrou et al., 2015). It is possible that reactive

crafters, who rely primarily on avoidance crafting, may be trapped in a

vicious cycle of escalating avoidance crafting and burnout. Con-

versely, proactive crafters, who use avoidance crafting alongside

approach crafting, may not experience the negative consequences

associated with avoidance crafting.
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Fourth, our study showed that some individuals (29.9%) switched

membership between different job crafting profiles within 1 month

but did not focus on the effects of these changes or the factors

influencing profile membership transitions. Further investigation is

needed on the predictors and outcomes of profile transition to pro-

vide additional insights into job crafting research and interventions.

As our studies suggest, movement into proactive crafters profile is

expected to enhance well-being and performance, while transitioning

to reactive crafters profile may lead to declines in these areas. Future

research could explore the effects of job crafting profile transition,

particularly over longer periods than the 1-month timeframe of the

current study. Additionally, efforts should focus on identifying factors,

especially contextual factors, that influence transitions in job crafting

profile membership. Our results suggest that increased job resources

could promote transitions to a proactive profile.

Finally, while the approach-avoidance taxonomy conceptually cate-

gorizes current job crafting behaviors, the measures employed in our

studies, and those used in prior profile research, did not differentiate

between approach and avoidance crafting. For a more comprehensive

understanding of the co-occurrence of approach and avoidance craft-

ing, future research could employ measures that integrate approach-

avoidance dimensions. For instance, the measure developed by Bindl

et al. (2019) encompasses task, relational, skill, and cognitive crafting,

including both promotion and prevention dimensions. Similarly, the

measure developed by Lopper et al. (2024) consists of four approach

crafting and four avoidance crafting dimensions, aligning with the hier-

archical model of job crafting proposed by Zhang and Parker (2019).

ACKNOWLEDGMENTS

This study was supported by Australian Research Council Australian

Laureate Fellowship (Grant Number FL160100033) and

Australian Government Research Training Program (RTP) Scholar-

ship. Open access publishing facilitated by Curtin University, as part

of the Wiley Curtin University agreement via the Council of Austra-

lian University Librarians.

CONFLICT OF INTEREST STATEMENT

The authors declare no conflict of interest.

DATA AVAILABILITY STATEMENT

The data that support the findings of this study are available on

request from the corresponding author. The data are not publicly

available due to privacy or ethical restrictions.

REFERENCES

Asparouhov, T., & Muthén, B. (2013). Auxiliary variables in mixture model-

ing: 3-step approaches using Mplus. http://www.statmodel.com/

download/3stepOct28.pdf

Bakker, A. B., & Demerouti, E. (2007). The job demands-resources model:

State of the art. Journal of Managerial Psychology, 22(3), 309–328.
https://doi.org/10.1108/02683940710733115

Bakker, A. B., Demerouti, E., Taris, T. W., Schaufeli, W. B., &

Schreurs, P. J. G. (2003). A multigroup analysis of the job demands-

resources model in four home care organizations. International Journal

of Stress Management, 10(1), 16–38. https://doi.org/10.1037/1072-
5245.10.1.16

Bakker, A. B., Tims, M., & Derks, D. (2012). Proactive personality and job

performance: The role of job crafting and work engagement. Human

Relations, 65(10), 1359–1378. https://doi.org/10.1177/

0018726712453471

Bateman, T. S., & Crant, J. M. (1993). The proactive component of organi-

zational behavior: A measure and correlates. Journal of Organizational

Behavior, 14(2), 103–118. https://doi.org/10.1002/job.4030140202
Bindl, U. K., Unsworth, K. L., Gibson, C. B., & Stride, C. B. (2019). Job craft-

ing revisited: Implications of an extended framework for active

changes at work. Journal of Applied Psychology, 104(5), 605–628.
https://doi.org/10.1037/apl0000362

Brislin, R. W. (1986). The wording and translation of research instruments.

In W. J. Lonner & J. W. Berry (Eds.), Field methods in cross-cultural

research (pp. 137–164). Sage.
Bruning, P. F., & Campion, M. A. (2018). A role-resource approach-

avoidance model of job crafting: A multi-method integration and

extension of job crafting theory. Academy of Management Journal,

61(2), 499–522. https://doi.org/10.5465/amj.2015.0604

Dormann, C., & Griffin, M. A. (2015). Optimal time lags in panel studies.

Psychological Methods, 20(4), 489–505. https://doi.org/10.1037/

met0000041

Hipp, J. R., & Bauer, D. J. (2006). Local solutions in the estimation of

growth mixture models. Psychological Methods, 11(1), 36–53. https://
doi.org/10.1037/1082-989x.11.1.36

Hobfoll, S. E. (1989). Conservation of resources: A new attempt at concep-

tualizing stress. American Psychologist, 44(3), 513–524. https://doi.

org/10.1037/0003-066x.44.3.513

Hobfoll, S. E. (2001). The influence of culture, community, and the nested-

self in the stress process: Advancing conservation of resources theory.

Applied Psychology, 50(3), 337–421. https://doi.org/10.1111/1464-

0597.00062

Hobfoll, S. E. (2002). Social and psychological resources and adaptation.

Review of General Psychology, 6(4), 307–324. https://doi.org/10.

1037//1089-2680.6.4.307

Lichtenthaler, P. W., & Fischbach, A. (2019). A meta-analysis on

promotion- and prevention-focused job crafting. European Journal of

Work and Organizational Psychology, 28(1), 30–50. https://doi.org/10.
1080/1359432x.2018.1527767

Lopper, E., Horstmann, K. T., & Hoppe, A. (2024). The approach-avoidance

job crafting scale: Development and validation of a measurement of

the hierarchical structure of job crafting. Applied Psychology, 73(1), 93–
134. https://doi.org/10.1111/apps.12466

Lu, C., Wang, H., Lu, J., Du, D., & Bakker, A. B. (2014). Does work engage-

ment increase person–job fit? The role of job crafting and job insecu-

rity. Journal of Vocational Behavior, 84(2), 142–152. https://doi.org/10.
1016/j.jvb.2013.12.004

Mäkikangas, A. (2018). Job crafting profiles and work engagement: A

person-centered approach. Journal of Vocational Behavior, 106, 101–
111. https://doi.org/10.1016/j.jvb.2018.01.001

Mäkikangas, A., & Schaufeli, W. (2021). A person-centered investigation of

two dominant job crafting theoretical frameworks and their work-

related implications. Journal of Vocational Behavior, 131, 103658.

https://doi.org/10.1016/j.jvb.2021.103658

Marinova, S. V., Peng, C., Lorinkova, N., van Dyne, L., & Chiaburu, D.

(2015). Change-oriented behavior: A meta-analysis of individual and

job design predictors. Journal of Vocational Behavior, 88, 104–120.
https://doi.org/10.1016/j.jvb.2015.02.006

Marsh, H. W., Lüdtke, O., Trautwein, U., & Morin, A. J. S. (2009). Classical

latent profile analysis of academic self-concept dimensions: Synergy of

person-and variable-centered approaches to theoretical models

of self-concept. Structural Equation Modeling: A Multidisciplinary

Journal, 16(2), 191–225. https://doi.org/10.1080/107055109027

51010

14 ZHANG ET AL.

 10991379, 0, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1002/job.2836 by C

urtin U
niversity L

ibrary, W
iley O

nline L
ibrary on [09/10/2024]. See the T

erm
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline L

ibrary for rules of use; O
A

 articles are governed by the applicable C
reative C

om
m

ons L
icense

http://www.statmodel.com/download/3stepOct28.pdf
http://www.statmodel.com/download/3stepOct28.pdf
https://doi.org/10.1108/02683940710733115
https://doi.org/10.1037/1072-5245.10.1.16
https://doi.org/10.1037/1072-5245.10.1.16
https://doi.org/10.1177/0018726712453471
https://doi.org/10.1177/0018726712453471
https://doi.org/10.1002/job.4030140202
https://doi.org/10.1037/apl0000362
https://doi.org/10.5465/amj.2015.0604
https://doi.org/10.1037/met0000041
https://doi.org/10.1037/met0000041
https://doi.org/10.1037/1082-989x.11.1.36
https://doi.org/10.1037/1082-989x.11.1.36
https://doi.org/10.1037/0003-066x.44.3.513
https://doi.org/10.1037/0003-066x.44.3.513
https://doi.org/10.1111/1464-0597.00062
https://doi.org/10.1111/1464-0597.00062
https://doi.org/10.1037//1089-2680.6.4.307
https://doi.org/10.1037//1089-2680.6.4.307
https://doi.org/10.1080/1359432x.2018.1527767
https://doi.org/10.1080/1359432x.2018.1527767
https://doi.org/10.1111/apps.12466
https://doi.org/10.1016/j.jvb.2013.12.004
https://doi.org/10.1016/j.jvb.2013.12.004
https://doi.org/10.1016/j.jvb.2018.01.001
https://doi.org/10.1016/j.jvb.2021.103658
https://doi.org/10.1016/j.jvb.2015.02.006
https://doi.org/10.1080/10705510902751010
https://doi.org/10.1080/10705510902751010


Mauno, S., Rantanen, M., & Tolvanen, A. (2014). Identifying coping profiles

and profile differences in role engagement and subjective well-being.

Journal of Basic & Applied Sciences, 10, 189–204. https://doi.org/10.
6000/1927-5129.2014.10.27

McLachlan, G., & Peel, D. (2000). Finite mixture modeling. New York, NY:

Wiley.

Meyer, J. P., & Morin, A. J. S. (2016). A person-centered approach to com-

mitment research: Theory, research, and methodology. Journal of Orga-

nizational Behavior, 37, 584–612. https://doi.org/10.1002/job.2085
Millsap, R. E. (2011). Statistical approaches to measurement invariance.

Routledge.

Morgeson, F. P., & Humphrey, S. E. (2006). The work design questionnaire

(WDQ): Developing and validating a comprehensive measure for

assessing job design and the nature of work. Journal of Applied Psychol-

ogy, 91(6), 1321–1339. https://doi.org/10.1037/0021-9010.91.6.

1321

Morin, A. J. S., Meyer, J. P., Creusier, J., & Biétry, F. (2016). Multiple-group

analysis of similarity in latent profile solutions. Organizational Research

Methods, 19(2), 231–254. https://doi.org/10.1177/10944281156

21148

Muthén, B. O., & Muthén, L. K. (2017). Mplus user's guide ((Eighth Edition).

ed.). Muthén & Muthén.

Parker, S. K., & Collins, C. G. (2010). Taking stock: Integrating and differen-

tiating multiple proactive behaviors. Journal of Management, 36(3),

633–662. https://doi.org/10.1177/0149206308321554
Petrou, P., Demerouti, E., Peeters, M. C. W., Schaufeli, W. B., & Hetland, J.

(2012). Crafting a job on a daily basis: Contextual correlates and the

link to work engagement. Journal of Organizational Behavior, 33(8),

1120–1141. https://doi.org/10.1002/job.1783
Petrou, P., Demerouti, E., & Schaufeli, W. B. (2015). Job crafting in chang-

ing organizations: Antecedents and implications for exhaustion and

performance. Journal of Occupational Health Psychology, 20(4), 470–
480. https://doi.org/10.1037/a0039003

Petrou, P., & Xanthopoulou, D. (2021). Interactive effects of approach and

avoidance job crafting in explaining weekly variations in work perfor-

mance and employability. Applied Psychology, 70(3), 1345–1359.
https://doi.org/10.1111/apps.12277

Peugh, J., & Fan, X. (2013). Modeling unobserved heterogeneity using

latent profile analysis: A Monte Carlo simulation. Structural

Equation Modeling: A Multidisciplinary Journal, 20(4), 616–639. https://
doi.org/10.1080/10705511.2013.824780

Rudolph, C. W., Katz, I. M., Lavigne, K. N., & Zacher, H. (2017). Job craft-

ing: A meta-analysis of relationships with individual differences, job

characteristics, and work outcomes. Journal of Vocational Behavior,

102, 112–138. https://doi.org/10.1016/j.jvb.2017.05.008
Schaufeli, W. B., Bakker, A. B., & Salanova, M. (2006). The measurement of

work engagement with a short questionnaire: A cross-national study.

Educational and Psychological Measurement, 66(4), 701–716. https://
doi.org/10.1177/0013164405282471

Tims, M., & Bakker, A. B. (2010). Job crafting: Towards a new model of

individual job redesign. SA Journal of Industrial Psychology, 36(2), 1–9.
https://doi.org/10.4102/sajip.v36i2.841

Tims, M., Bakker, A. B., & Derks, D. (2012). Development and validation of

the job crafting scale. Journal of Vocational Behavior, 80(1), 173–186.
https://doi.org/10.1016/j.jvb.2011.05.009

Tims, M., Bakker, A. B., & Derks, D. (2013). The impact of job crafting on

job demands, job resources, and well-being. Journal of Occupational

Health Psychology, 18(2), 230–240. https://doi.org/10.1037/

a0032141

Tims, M., Bakker, A. B., & Derks, D. (2015). Examining job crafting from an

interpersonal perspective: Is employee job crafting related to the well-

being of colleagues? Applied Psychology, 64(4), 727–753. https://doi.
org/10.1111/apps.12043

Tims, M., Derks, D., & Bakker, A. B. (2016). Job crafting and its relation-

ships with person–job fit and meaningfulness: A three-wave study.

Journal of Vocational Behavior, 92, 44–53. https://doi.org/10.1016/j.
jvb.2015.11.007

Tims, M., Twemlow, M., & Fong, C. Y. M. (2021). A state-of-the-art over-

view of job-crafting research: Current trends and future research

directions. Career Development International, 27(1), 54–78. https://doi.
org/10.1108/cdi-08-2021-0216

van den Heuvel, M., Demerouti, E., & Peeters, M. C. W. (2015). The job

crafting intervention: Effects on job resources, self-efficacy, and affec-

tive well-being. Journal of Occupational and Organizational Psychology,

88(3), 511–532. https://doi.org/10.1111/joop.12128
van Wingerden, J., Bakker, A. B., & Derks, D. (2016). A test of a job

demands-resources intervention. Journal of Managerial Psychology,

31(3), 686–701. https://doi.org/10.1108/jmp-03-2014-0086

van Wingerden, J., & Poell, R. F. (2017). Employees' perceived opportuni-

ties to craft and in-role performance: The mediating role of job crafting

and work engagement. Frontiers in Psychology, 8, 1876. https://doi.

org/10.3389/fpsyg.2017.01876

Vermunt, J. K. (2010). Latent class modeling with covariates: Two

improved three-step approaches. Political Analysis, 18(4), 450–469.
https://doi.org/10.1093/pan/mpq025

Vogt, K., Hakanen, J. J., Brauchli, R., Jenny, G. J., & Bauer, G. F. (2016). The

consequences of job crafting: A three-wave study. European Journal of

Work and Organizational Psychology, 25(3), 353–362. https://doi.org/
10.1080/1359432x.2015.1072170

Wang, M., & Hanges, P. J. (2011). Latent class procedures: Applications to

organizational research. Organizational Research Methods, 14(1), 24–
31. https://doi.org/10.1177/1094428110383988

Williams, L. J., & Anderson, S. E. (1991). Job satisfaction and organizational

commitment as predictors of organizational citizenship and in-role

behaviors. Journal of Management, 17(3), 601–617. https://doi.org/10.
1177/014920639101700305

Wright, T. A., & Cropanzano, R. (1998). Emotional exhaustion as a predic-

tor of job performance and voluntary turnover. Journal of Applied Psy-

chology, 83(3), 486–493. https://doi.org/10.1037/0021-9010.83.

3.486

Wrzesniewski, A., & Dutton, J. E. (2001). Crafting a job: Revisioning

employees as active crafters of their work. Academy of Management

Review, 26(2), 179–201. https://doi.org/10.5465/amr.2001.4378011

Zhang, F., & Parker, S. K. (2019). Reorienting job crafting research: A hier-

archical structure of job crafting concepts and integrative review. Jour-

nal of Organizational Behavior, 40(2), 126–146. https://doi.org/10.

1002/job.2332

AUTHOR BIOGRAPHIES

Fangfang Zhang is a Research Fellow at the Centre for Transfor-

mative Work Design, Future of Work Institute at Curtin

University. She obtained her PhD from Curtin University. Her

research interests include work design, job crafting, ageing, future

of work, and artificial intelligence. Her research has been pub-

lished in top-tier journals such as Journal of Organizational Behav-

ior, MIT Sloan Management Review, and European Journal of Work

and Organizational Psychology.

Maria Tims is a Full Professor at the Department of Management

and Organization and holds a chair in the Future of Work at Vrije

Universiteit Amsterdam. She obtained her PhD in Work and

Organizational Psychology at Erasmus University Rotterdam. Her

scientific and practical expertise lies in the areas of (1) employee

proactivity and work design (at the individual and team level, such

ZHANG ET AL. 15

 10991379, 0, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1002/job.2836 by C

urtin U
niversity L

ibrary, W
iley O

nline L
ibrary on [09/10/2024]. See the T

erm
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline L

ibrary for rules of use; O
A

 articles are governed by the applicable C
reative C

om
m

ons L
icense

https://doi.org/10.6000/1927-5129.2014.10.27
https://doi.org/10.6000/1927-5129.2014.10.27
https://doi.org/10.1002/job.2085
https://doi.org/10.1037/0021-9010.91.6.1321
https://doi.org/10.1037/0021-9010.91.6.1321
https://doi.org/10.1177/1094428115621148
https://doi.org/10.1177/1094428115621148
https://doi.org/10.1177/0149206308321554
https://doi.org/10.1002/job.1783
https://doi.org/10.1037/a0039003
https://doi.org/10.1111/apps.12277
https://doi.org/10.1080/10705511.2013.824780
https://doi.org/10.1080/10705511.2013.824780
https://doi.org/10.1016/j.jvb.2017.05.008
https://doi.org/10.1177/0013164405282471
https://doi.org/10.1177/0013164405282471
https://doi.org/10.4102/sajip.v36i2.841
https://doi.org/10.1016/j.jvb.2011.05.009
https://doi.org/10.1037/a0032141
https://doi.org/10.1037/a0032141
https://doi.org/10.1111/apps.12043
https://doi.org/10.1111/apps.12043
https://doi.org/10.1016/j.jvb.2015.11.007
https://doi.org/10.1016/j.jvb.2015.11.007
https://doi.org/10.1108/cdi-08-2021-0216
https://doi.org/10.1108/cdi-08-2021-0216
https://doi.org/10.1111/joop.12128
https://doi.org/10.1108/jmp-03-2014-0086
https://doi.org/10.3389/fpsyg.2017.01876
https://doi.org/10.3389/fpsyg.2017.01876
https://doi.org/10.1093/pan/mpq025
https://doi.org/10.1080/1359432x.2015.1072170
https://doi.org/10.1080/1359432x.2015.1072170
https://doi.org/10.1177/1094428110383988
https://doi.org/10.1177/014920639101700305
https://doi.org/10.1177/014920639101700305
https://doi.org/10.1037/0021-9010.83.3.486
https://doi.org/10.1037/0021-9010.83.3.486
https://doi.org/10.5465/amr.2001.4378011
https://doi.org/10.1002/job.2332
https://doi.org/10.1002/job.2332


as self-organizing teams) and (2) workforce analytics. Her research

has received over 16,000 citations.

Sharon K. Parker is an ARC Laureate Fellow and a John Curtin

Distinguished Professor at Curtin University, Director of the Cen-

tre for Transformative Work Design, a Fellow of the Australian

Academy of Social Science and in 2019, she was named among

the world’s most influential scientists and social scientists in the

Web of Science Highly Cited Researchers list. She has published

more than 200 articles in leading journals on topics including work

design, proactive behavior, and job performance.

SUPPORTING INFORMATION

Additional supporting information can be found online in the Support-

ing Information section at the end of this article.

How to cite this article: Zhang, F., Tims, M., & Parker, S. K.

(2024). Combinations of approach and avoidance crafting

matter: Linking job crafting profiles with proactive personality,

autonomy, work engagement, and performance. Journal of

Organizational Behavior, 1–16. https://doi.org/10.1002/job.

2836

16 ZHANG ET AL.

 10991379, 0, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1002/job.2836 by C

urtin U
niversity L

ibrary, W
iley O

nline L
ibrary on [09/10/2024]. See the T

erm
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline L

ibrary for rules of use; O
A

 articles are governed by the applicable C
reative C

om
m

ons L
icense

https://doi.org/10.1002/job.2836
https://doi.org/10.1002/job.2836

	Combinations of approach and avoidance crafting matter: Linking job crafting profiles with proactive personality, autonomy,...
	1  INTRODUCTION
	2  THEORY AND HYPOTHESES
	2.1  Job crafting profiles
	2.2  Outcomes of job crafting profiles
	2.3  Predictors of job crafting profiles

	3  OVERVIEW OF STUDIES
	3.1  Study 1
	3.1.1  Method
	Participants and procedure
	Sample 1
	Sample 2

	Measures
	Job crafting
	Proactive personality
	Job autonomy
	Work engagement
	Self-reported task performance
	OCB

	Statistical analyses

	3.1.2  Results and discussion
	Job crafting profiles and similarities
	Similarities of outcomes of job crafting profiles
	Similarities of predictors of job crafting profiles


	3.2  Study 2
	3.2.1  Method
	Participants and procedure
	Measures
	Statistical analyses

	3.2.2  Results and discussion
	Longitudinal similarity of job crafting profiles
	Outcomes of job crafting profiles
	Predictors of job crafting profiles



	4  GENERAL DISCUSSION
	4.1  Theoretical implications
	4.2  Practical implications
	4.3  Limitations and future directions

	ACKNOWLEDGMENTS
	CONFLICT OF INTEREST STATEMENT
	DATA AVAILABILITY STATEMENT

	REFERENCES


